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Table 1 Data-set

F—fwy b g F— 28
jrte 3293
chABSA 2813
livedoor 1771
rakuten.1 17128
rakuten.2 17263

AREBRTIEICS ARy MO = I(rte)[3][7], A
i FIE 2% 47 45 3 (chABSA)[4], livedoor = = — &
(livedoor)[5], %% K b T X)L F — ¥ (rakuten.1 ,
rakuten.2)[6]D 4 FEfEHZ W5, HK KT ~LT —
X1 rakuten.] & 2018 FEDOT—Xt v R L,
rakuten.2 % 2019 EEDT—Z v hE L TN 5.
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& Sports Watch @ &> 7 2H3FEE T 5.

322 FBEAETI

AFEBR T, HAGZE Wikipedia THATFE 217>
7= BERT FHIHET WMIZHIEHT — 2 &2 AL,
T Fa—= T EITH. TORES 2T [EA D
8 =R e AN L VI 2t Crli [auE P A
3.2.3 Task embedding

BN 26N 2 A7 DT —4 %> FT
BERT # 7 7 A > F a—=2 03 5. F&iis 2 A
7 [EE DB EFF 720 DOTT VL, B itgs 2z
BT 5.

WIZANET — %2 v h&IKEET VITATIL, R

Copyright ©2022 Information Processing Society of Japan.
All Rights Reserved.



TR 5 84 [l = [E R =

BAhHERONRT A —% (BEH) 0 D7 4 v ¥ —1IF
WATINCHANWTH AT R MV EFHRT S.
324 YA VEUE
FERBHRETNVPLEIBEINZX AT XY ML
(768 WIt) & ENEND X A7 [d-Tat 4 HEE
FEDOFEEZ LTS,
33 EBRER

£2 TrArFa—=rTDOHOBEE

Table 2 Accuracy based on fine-tuning only

T—4ty M R HE
jrte 0.836065
chABSA 0.876777
livedoor 0.99322
rakuten.1 0.824518
rakuten.2 0.817518
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Table 3 Cosine similarity

jrte chABSA | livedoor |rakuten.l|rakuten.2

jrte 0.9896110.999641|0.999426
chABSA |0.999625 0.724287(0.999817
livedoor |0.989611|0.724287 0.746847

rakuten.1 | 0.999641|0.999817 | 0.746847
rakuten.2 | 0.999426 0.807695(0.999742
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Table 4 Accuracy after transfer learning

| trg,src— jrte chABSA | livedoor [rakuten.l|rakuten.2
jrte 0.850637(0.843351|0.865209

chABSA 0.845971(0.879146(0.879146

livedoor | 0.99322 | 0.98305 0.99322

rakuten.l 0.823817(0.824868 0.82767

rakuten.2 | 0.820298|0.814389|0.815085
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