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ETL Fl-score D (JREDH) [%] | Fl-score DT (EZ) [%)] | macro Fl-score(ZfK) [%] | micro accuracy [%]
Baseline(YOLO) 52.8 64.9 54.0 60.9
ETINLA 33.2 69.3 36.8 53.6
€7V B 36.7 73.6 40.4 54.7
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RiES - - 16,023 - 5,309
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BRI 3,038 39,902 3,038 39,902 1,125
N3 2,671 36,808 6,953 36,808 1,260
[ 3,592 110,896 7,565 110,396 1,813
D B R 1,051 3,564 1,483 3,564 957
SRR 1,045 17,181 1,362 17,181 1,147
CCYV 3,602 1,420 5,969 1,420 141
ETA TR 2,190 6,398 | 26,861 6,398 1,626
MYSV 2,292 2450 | 17,239 2,450 1,004
Ll 20,662 288,819 97,257 288,819 16,779
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