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(b) B-VAE (TW)

(c) Localized-VAE

2: TR

R 1: /Foh B EXITTRBLOE BT

ETIL RMSE AUC Entropy
B-VAE 0.0945 0.754 4.78
B-VAE (TW)  0.0955 0.752 4.74
Localized-VAE  0.0956 0.752 4.11
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