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F g & B R ANE {4 D ROC AR (Receiver
Operatorating Characteristic curve) 7> 53K &
7= AUC (Area Under the Curve) ZFI-FiLkK®D
5 L TR E ORHE 21T o 7.
HYNRNBEBRIZOWNTIEEY O 8 FILL EAEE
HUHIBINER S 70 easy, B 5 FI~8 FINEE
L TW% normal, BHOFEMH 5 HILLTD
hard @ 3 FRFO BRI L TZIL LG AT
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LTEER (EERDH, ENOHE 1,000 )

R1 BEBRERAEDENZELS AUC DLEEER

mixup CutMix FERD#
A
easy |normal| hard | easy |normal| hard | easy |normal| hard

0 |0.947)0.734]0.611|0.947 | 0.734 | 0.611 | 0.947 | 0.734 | 0.611

0.1 |0.787 | 0.703 | 0.604 | 0.961 | 0.876 | 0.730 | 0.995 | 0.971 | 0.922

0.2 | 0.667 | 0.655 | 0.602 | 0.999 | 0.967 | 0.878 | 1.000 | 0.991 | 0.948

0.3 0.778|0.748 | 0.684 | 0.999 | 0.980 | 0.914 | 1.000 | 0.994 | 0.943

0.4 10.843|0.811|0.729 | 0.999 | 0.982 | 0.886 | 1.000 | 0.989 | 0.912

0.5 ]0.994 | 0.953 | 0.847 | 1.000 | 0.974 | 0.816 | 1.000 | 0.979 | 0.859

0.6 [ 0.949|0.791 | 0.566 | 1.000 | 0.967 | 0.793 ]| 0.998 | 0.933 | 0.711

0.7 [0.940 [ 0.751 | 0.552 | 1.000 | 0.950 | 0.738 | 0.991 | 0.898 | 0.686

0.8 [0.959 [ 0.769 | 0.589 | 0.998 | 0.913 | 0.671 | 0.985 | 0.856 | 0.662

0.9 [0.986 | 0.853 | 0.641 | 0.985 | 0.839 | 0.618 | 0.979 | 0.831 | 0.622

1 10.993)/0.884)|0.675)0.993]0.884|0.675]0.993 | 0.884 | 0.675
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