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X 2 %{LHif (£L1), NLM(A.E), GMRF(XT),
HGMRF(£F).

F1 o=40 D 2D/ £ XRFEREE OFUEKER.

noise NLM GMRF HGMRF
MSE | 1328.16 375.724  388.252  241.982
PSNR | 16.8983  22.3821  22.2397 24.293
SSIM | 0.246319 0.555166 0.444843 0.593722

£2 0=30DL 2D/ 4 XREREOBIERR.

noise NLM GMRF HGMRF
MSE | 790.692  297.348  251.775  209.503
PSNR | 19.1507  23.3982  24.1207 24.9189
SSIM | 0.334907 0.595177 0.539334 0.661807
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