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Algorithm 1 WalkOrder

Algorithm 2 MHRW-Sampling

Input: Initial Node: vin4t, Sampling Number: L, Thread Num-
ber: M
Output: Reorder Permutation: P = {vo,v1,...,vL}
1: P+ {}
tm<— 1
while m < M do
W < MHRW-Sampling(vinit, L/M)
Send W to Reordering Thread m
Vinit < Last visted node in previous MHRW
m<+—m+41
end while
for m < 1 to M do
P,, < Reorder Permutation from Thread m
for ¢ + 0 to L/M do
Append P,,[i] to P
13: end for
14: end for
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Input: Initial Node: vinit, Sampling Number: L
Output: Sampled Nodes: W = {vo, v1,...,vr—1}
1: W« {’Uz'nit}

2! Ve 4 Vinit

3: while |W| < L do

vy, < select a node uniformly at random from N (v.)

p < generate a random number that meets 0 < p <1

if p< j—; and visits vy, for the first time then
Append v, to W
Ve 4 Up,

else

10: Ve < Ve
11: end if

12: end while
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Algorithm 3 SubGraph Reordering

Input: Reorder Nodes: W
Output: SubGraph Permutation: Peus = {vo,v1,...,v1/0}
1: Gsyp < Connecting edges between v € W

2: Psyp < OptimizedGorder(W)
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¥ 7z, facebook, roadNet Tid Naive D & & Original
K OEELH ELTWADIZH LT, dblp Tld Original
FOHFEENMETFTLTWD., ZHi, dblp A facebook,
roadNet & %720 J — NB X O PR OHE B K E W
728, BREELUEIZETSZIA NS KREL LD ZEIEHA
THD. ZD&SIZ, Naive FFHEELHICEST S 3R
NIRRT S T ORGERRREIC K> TikE 5. — 4T,
WalkOrder & facebook, roadNet, dblp @2 T THE
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EEEHLZZELS, HRDT T 7F— RITEFETHE
i EE2ERT5Z e THE. Tk, REBRTH
MUY —=Yyry bU—2, EEEry hT—2, dt
FZRRO I 77T = RIIRS TIREWEEHD 7 577 — &
2 U T WalkOrder BWEMTHD Z L EZRLTWS.

Naive & B U 72854, facebook T 1.27 £ /&
1.31 1%, roadNet T3 1.32 £ /fm 1.41 4%, dblp T3
2.27 % /5 2.38 fFEE A M E L7z, dblp @ & 52 Naive
DE & Original XV EENKTT 27777 —xi1ZHUL
T, WalkOrder [ 3FHIZ8IR 2 REL TV 2, ThiL,
dblp X IR L T/ — BB KRB L b KEWT S
T T =R LT WalkOrder D& VRN THB Z 2%
RLUTW5.

5 &BHYIC

AFETlk, MHRW IZ L 5% > 7Y v 7 &1fi4F LT Gorder
ZESEE L7 — N ID OFEER2 2 #IFEITT2FEL LT
WalkOrder 2% U7-. WalkOrder IZ MHRW 12 & D ¥R
BAmEMELCYH TV VT U2 — NEERSL /=K
BB LUE ) — NOMRBDBINS VI D T T 7 2Bk T 5.
ZOEWHT T 7K UTID HidER2ETTHZ LT, B
Bl E L HEEEOLVF I T E2FH LSS 7HEED
M #H Crd bz EB Uz, EMRDT 77722k
ERBIZEY, Y7 VIR THRICID HREZITDAEV
BHELIRT, Yo7 VIR E DS 7T T AR T
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i COMFREE ALY 1.52 7, Sk 1.95 f51a L U /-,
SHBOFHIZOVWTHERS, £31 HEIZ, & KB
DERERANT IV =D T T T TF—RIZH LT WalkOrder
PR AEFIETEIIRIETEI L THS. ARTITo72HE
BTIEETDSI 7F—RIZBWT WalkOrder % L
722X AU EEDR EEHERL 2. WalkOrder ®
MNAMEZRT 72012, AFETHEMALZS I 77— X UAND
a2 0577 —&I1Z0 LT WalkOrder Z#HA L, %R
EWGEET A2 BB ETH S, RIZ2HEHIK, ID HidE
BOBEEEELZ -5 F, 220y FAERELHZ 5
T35 FTORMERHT 2 HEZODVWTHRANTLZET
H%. WalkOrder IFBHIEMLEZITS> LA L v N
ESETTEHRA4 IV TCRLEERTS. TDd, ¥
TV VT DORPETCHEBEERTO ALY Rik, 7Y
OBETHEBEZTI ALY FORT 25 O20ELRH 5.
22T, YUV U TOBYETHEBEITO ALY NER
MIIZR RO SER1 5L, HEEROHEEHEEZHFD
LT ERZHAAD Z 2 T WalkOrder DX 5725 HE
M EEHET.
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