BIRLIEF RRRE
IPSJ SIG Technical Report

FRDRED CHEREELEZZR LI
REATEILT— FO—-TBROHLE

HF BoRh) iR 1P

BE : B0 L E2E X RIEROERESEH LY — Fr—7 (CW) 2R, 52X 50 71EREED S D
CW OfsE, HARDERELMEL LTERMLTE, ChFTRFHEY 2 7 &EILEZELT, MY
7 BT MIHS S HREE ZRIEICBAL T GERD Rl fEz > CW 2HET 2 FEMRREI AT
3. AR TIE, BIFEFECBT 2RIk L, BHE - ZRMEICNZ, SRRENIRELIE L RO
mhzdERLL CW o2 HET.

Optimal capsule wardrobe construction
by considering visual dissimilarity and balance of use

TANAKA YuTal® Ozaxr TomoNoBU!:P)

Abstract: A fashion capsule wardrobe (CW) is a minimum set of clothes that can be worn in different
ways. The construction of CWs can be formulated as a combinatorial optimization problem in general, and
a sophisticated method has been proposed to construct optimal CWs on compatibility and diversity based
on topic modeling and submodular optimization. In this study, in order to improve the quality of CWs, we
extend the evaluation function in the existing method by incorporating additional criteria considering visual
dissimilarity and balance of use. The effectiveness of the proposed criteria is assessed quantitatively using

RichWear Dataset.
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Algorithm 1

1: A =0,V #BERT 27472081t
2: Sopj = e+ 1 # e BIURDI=D DL
3: pregy; =0

4: while §,p; > € do

5: for each layer i =0,1,...,(m —1) do
6: AiT = @

7 for each time step t =1,2,...,7 do
8: g = select_item(A;r)

9: # WRTA VT AT LDER
10: AiT = AiT ] {g}
11: end for

12: end for

13:  curep; = calccloset_score(A;r) # BTEDR a7 DA
14: 60bj = CUTop; — PTreobj

15: Preoh; = CUTobj

16: end while
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S(y) 1&, FECBVTERINIERES A 25, 4
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W74 T 228058, Ar POSER (T4 7L6) B
WET ZEES TR ENERD, HRELT Cov(Ar) B
XU S(y) BAEREEL 3.
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Cau 8.709 7.524 11.812 8.666
Csp 11.414 7.152 12.319 10.666
Ccv 8.848 7.689 10.280 6.666

Crandom 0.046 6.769 8.673 0.000
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K2 HKru—Ey boanz ME
5 | Can | Csp | Cov
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where 7(s) = [{0; € y | c(oj) > o As ¢ o;}]
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—DODT7 AT LBMALLOEHTHHATERL Kol e
WHMRAEERRERa—T 42— MERLTED, 7
4 7 LDKRE WS HIED S CW Ol (a2 M)
EIHMEiLTW3.

FERERER 2101 7. RIS, aNR MERa 72
HIEZ Coy < Coy < Csp THBZEMHERTES. T
%bb, fwD OEEEZHWRWEELTDH 2 Cov ITHN,
RHDIEEERHWS Cyy, Csp DABBENZ MENRE L,
SHRMFOMTIE, AFMEEELZESER WV Cop iRD
WV, 2WVS Zrickb. AT, ZORa7MEVFL
X w, - BOEDBKRELZoTWE I L5, HROREY
DIFEPBAR MEDBH 5 CW HRICFHES L TWE Z e
AN D .
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‘ Wy -V ‘ ws S ‘ wy - B
we - C 0.28 0.05 0.59
wy -V 0.05 0.09
ws - S 0.03
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