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Real-Time Hand Gesture Recognition Based on Improved YOLOv3 Architecture
and Its Implementation for Home Appliance Control Systems
T Yuta Kobayashi, Lashkia George, Chukyo University.
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Inference
Model Params Model Size mAP
Speed
Tiny-YOLOV3 8.7M 33.2MB 81.26 41.84fps
MobileNetV3+
1.5M 6.0MB 75.04 193.94fps
SSDLite
MNSY 2.4M 9.2M 84.75 107.06fps
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