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PR 0.89 0.81 12.1
Rnn size 512 512 128
Grad clip 9 10 10
Learning rate 0.003 0.01 0.003
Decay rate 0.9 0.95 0.95
Dropout 0.3 0.3 0.5
Lambda param 0.0002 0.0001 0.0005

1-42

O ARE RO ITIENIC b FEK

30 p4
= 21119|19/19

;EZO

10

24 45 64 83102 177 347 573

¥R5R |l
X3 FERFIEOWSIE

721761

4. BbVIT

AR TIIIER DB — IR TTIRR Z W R L,
~/LF GPUBREE 2RI L C, k78 A 73—
NI A—ZHEEICHEA LTz, R TFIEICHERT
REFEIL, PrERE A 279 KFH(11.6 H)22 6
12.3 R & CHIPE L 7-.

LS OMEE LT, FATTHWILERREZ &
DT NTY X LD Ee LNz bivd.
Al TR#E] Typell 72 AT LD~ LF
GPU BREZICA O T AT A L7223, o
FHRREREICB W THORGET 2L ER S 5.

B3

ARHFFE D —ER1E ISPS BHF 2 JP18K19782,
JP18K11340 D BhAk IS X O i B K% HPC FHEF}
P T e 2 FOTEIC LS.

BE R

[1] T. Katagiri, Auto-tuning for The Era of
Relatively High Bandwidth Memory
Architectures: A Discussion Based on an
FDM Application, Proceedings of IEEE
IPDPSW2018.

[2] S HRE, BHME, |, Y 7 v =7
HE)F = —= v 7B 5 EEIEIRERE S 7
A ZPRRFIE DIRE L FH”, S A A

Havva—T4 vy A5 L4, Volll,
No.2, pp.1-16.

[3] Toshiki Tabeta, Naoto Seki, Akihiro Fujii,
Teruo Tanaka, Hiroyuki Takizawa, “An
Optimization Technology of Software Auto-
Tuning Applied to Machine Learning
Software”, Poster Session on HPCAs1a2020.

[4] Rina Akabane, Yuka Kato, “Pedestrian
Trajectory Prediction Using Pre-trained
Machine Learning Model for Human-
Following Mobile Robot”, 2020 IEEE
International Conference on Big Data.

[5] http://www.icts.nagoya-u.ac.jp/ja/sc/
overview.html#type2 (2021/1/8).

Copyright ©2021 Information Processing Society of Japan.

All Rights Reserved.



