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Overlooked Content Reader and its Evaluation Based on User
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Abstract: Web clip applications and news feed applications have functions to display a list of contents and
to save contents. If the user forgets to save the content, or if the user is not able to read the content at the
time, the content remains buried and is not easy to access again. In order to solve this problem, we create
a user model by learning the contents and situations (time, place) of the contents that the user is interested
in, which were viewed in the past. Using the created user model, we constructed a system that determines
the appropriateness of contents in the user’s current situation and recommends unviewed contents that may
have been overlooked in the past. As an experiment, we used a cloud worker to evaluate the recommended
content for a user model created using actual content browsing logs. As a result, we showed that the model
with situations was able to recommend overlooked contents more appropriately than the other models.
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Fig. 1 Proposed method.
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Table 1 Log data for model creation.
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Table 2 Each method and parameter.

B4 W Kernel Degree C € R?
1. X A PO poly 3 1.0 0.01 0.0261
2. X YFaz—3ar () ok poly 5 0.001 01 —0.0245
3. X, vFaz—ar (KM, %51 Ok poly 5 1.0 0.01 0.1244
4. X ® X YAV @ Y Faz—ar (B) poly 3 1.0 0.01 0.0268
5 Xi® X, ZA MV @ YFar—ar (B, B poly 3 1.0 0.01 0.0279
6. f(X)® X 1OHRS VFTaz—a> (FH) poly 1 01 01 0.5592
7. (XX, 1LofRevFar—iar (KHE, BT rbf - 1.0 0.01 0.5816
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Fig. 2 Prototype System. Left: Selecting location, Center:
Home menu, Right: Displaying article.
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Table 3 Collected data from test users.
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Table 4 Mean and variance for each method.
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