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input: | [(None, 200, 1)]

input_1: InputLayer
output: | [(None, 200, 1)]

input: | (None, 200, 1)
output: | (None, 200, 1)

cast_to_float32: CastToFloat32

input: (None, 200, 1)
output: | (None, 200, 10)

time_distributed(dense): TimeDistributed(Dense)

input: | (None, 200, 10)
output: | (None, 200, 10)

gru: GRU

input: | (None, 200, 10)
gru_l: GRU

output: | (None, 200, 10)

input: | (None, 200, 10)
gru_2: GRU

output: (None, 10)

input: | (None, 10)
regression_head_I: Dense

output: [ (None, 1)
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R 3 EREE
0S CentOS Linux release 7.5.1804(Core)
VARPA FUJITSU Primergy CX400 M1
CPU Intel Xeon Haswell 2 7y b 14 27
2.6GHz E5-2697 145W
GPU NVIDIA Tesla P100 16GB

Storage HDD | 270GB read 0.21GB/s write 1.07GB/s

Memory 256GB DDR4 2133MHz
Python 3.6.8
CUDA 11.0
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