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Abstract: In order to render realistic fog using CG, it is necessary to choose parameters such as attenuation
coefficient and scattering albedo appropriately. Moreover, a tedious trial-and-error process is inevitable to
produce the desired effect of fog; we need to render an image with different parameter settings until the de-
sired effect is obtained. Due to the high computational cost for generating CG images, this process requires
a great deal of time and effort. The computational cost is particularly expensive when we need to take into
the complex scattering phenomena inside the participating media such as fog. In this study, we propose a
method to render the desired appearance of fog. We estimate the fog parameters that reproduce the desired
appearance of the image. Our method can reduce the time and effort required for trial and error to find the
appropriate parameters of the fog.
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