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Abstract: In recent years, cyber slander, cyberbullying and comments flaming have become serious prob-
lems on SNS and video services such as YouTube. There are few cases of suicide caused by them. In this
paper, we study flaming detection methods using document classification and machine learning. The target
video service is YouTube. At first, we will manually find flaming comment threads in YouTube, and use them
as positive training data. We also select comments thread which isn’t flaming, and use them as negative
training data. Apply these data to machine learning to create a flaming detector. In order to apply machine
learning, it is important to vectorize target data, and to find appropriate classification machine learning
algorithms. In this paper, we report how to collect YouTube comments, how to select comments flaming,
and vectorization of comments.
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F ¥ IVORBEIFEID VR FE2EE L. BELEH
B ID QUK 46 THETH 5. WE L7z 46 FTHFOHE D
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Z DFEFAF H 724 27,000 HEOEE 1D Z ARBFLDOR R &
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1EG - ABDFIFT — Z DINEIZ OV TR S,

KD H BEMEE T, Bl Ao EH T —253%
WHDBRW. AFEOEHMIE I X >V F3EE LTV 2
OB TH B0, KELTWREEZEF, Z5Thwn

*1 https://developers.google.com/youtube/v3/
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AR EE T — & 5 6 K EEEE RO 2729, #%E
RHETHORO A LcT 3. ZOFHELLT, 350
fafie FHw 5.
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i35,
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