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Examination of identifying bias in learning VQA model

Ryoca Kono'® Kyoko Supol:P)

Abstract: Visual Question Answering (VQA) is one of the tasks mainly dealt with in deep learning, which
is to derive the correct answer to an image and the question about the image when presented, and some
performance has been confirmed in recent years. However, in the study of videoQA (video version of VQA)
bias analysis, questions with specific prefixes tend to be highly biased in language (question text). Therefore,
comparing the case where the image information corresponding to the question text at the time of the test is
omitted in VQA with the case where it is not, we predicted that the decrease in the correct answer rate for
questions with a specific prefix would be less than the decrease in the correct answer rate for questions with
other prefixes. We verified this by experiments and tried to consider the relationship between the prefix of

the question sentence and the bias.
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