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User Geolocation Estimation on Twitter
using with Deep Neural Networks

Abstract: Various methods have been proposed for estimating the geolocation of users (accounts) in Twit-
ter. However, most of the methods are language-dependent and target English-speaking users, so they cannot
be applied to the geolocation estimation of users in Japan. In addition, geotagging, a feature that allows
users to attach geolocation information to tweets, was used as the correct answer data, but was discontinued
in 2019. As a result, it has become difficult to prepare correct answer data. In this paper, instead of geo-
tagging, we used information collected from Swarm, a social media platform with geolocation information
sharing feature, to create the correct answer data. Then, using the information of domestic Twitter users,
we estimated the geolocation of users by prefecture using deep neural networks, evaluated the estimation
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results, and discussed the points that need to be improved and the points that can be improved.
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