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Abstract: Large amounts of data on accidents are being collected by dashboard cameras (dashcams). We
propose a survival analysis model for predicting the accident occurrence time from data gathered by a dash-
board camera in this paper. The hazard function of the proposed model is modeled by a convolutional
recurrent neural network whose input is video data and a neural network whose input is location data. Thus,
our model can predict accidents considering (1) changes in the situation of own car and surroundings based
on the video and (2) the frequency of accidents from location data. The model parameters are estimated by
backpropagation using the negative log-likelihood as the loss function. Experiments on real-world dashcam
data show that our model can more accurately predict accident occurrences than baseline models.
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Fig. 1 Overall of the proposed method.
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Table 1 C-index and CMAE for near-miss prediction.
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