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Text Mining for “Zenkyoto Generation”
Noburo Kondo / Tomonari Masada
(Graduate School of Artificial Intelligence and Science, Rikkyo University)

In this study, we tried a text analysis of questionnaires from "Zenkyoto Generation", a generation who
committed themselves to student activism in 1960s. The questionnaires include questions about their motivations
and mentalities for participating in political movements and their retrospective thoughts in addition to basic
information, so that we have got many open-ended answers as text data. In this study, we tried to figure out
remarkable characteristics of this generation based on the text data. After performing morphological analysis, we
trained classifiers according to specific binary categories and extracted important words as the words having
high feature importances in the trained classifiers. We then discussed the characteristics of the extracted words.

L EThH, TNHEMTT DI LT, RIFHA
1. [FLHIC DR E IR ERLEDL I ENTE RN E
‘ WO DN, KIFREOMEERTH 5,

Z etk L LTk, 2 b H Bl T & A

e N ZTEHEEMAT L, SR E D B T VI LR

% S THEGRICFE S, TONHEBICB VW TEE

= FEOB WS E L BRI LHEL L THSY T,

= AR, KA DS 1968 4ELLRTAN 1969 4ELA

einl oy fEAT I Y & EINCSIN L=

i | - M—MFAEL LTHEBIFRE LTnE V) i

g - . BT A Effiotz, ZHEO fENT Y THH

i x:::;;;:;::*:a;m/“ : e ESBEL, TNFNOHEAE TEEED S

N || e — WM AR D 2 LT, Z O E BT S
e EEIA T D e

1. [t - 2EAEI 1 —

Figure 1. “Zoku-Zenkyoto Hakl[lsl]lo” 2. T—ARIZDW\T

KIFFHRTHITORMGE LT DT 7 — ML,
1968 FEAIZEDOMEES M, B ULHIRDS R A TZ [He - e - AR P ED [ Z2 R oI E SNz b
2IEFAFE] [11E WO EBEERICTATENTZ, OThsb, H4T A0 451 S LT, HE
(IR I DAL ZDREI~DOT ke R HARAE, ASEER Y. 75 HEOE
Vhr— b s T =2 EZOFE FINER LT HEITART, RITEE MR &N, @ B ICh 73 o T17itdh 5
700 HA R 2= 8 & 72> T\ D, £ ZIZI, WEBROMRA~DOES kL TIELWVWD & 13
KM FICF G RE 72 & AR 2 B LLRNZ &%) AREXLIEIN) & M 75
A, THEEEGAEZD LE T TWED) o [RBIC. AEPLEEL 4O L A%
(69 —EHDORRIZESTZHLEDTHMN 0L, T bEszELEWVWI L2 THHICBEXS
BUREENCS M L@ A 2 U 7 L vk
LHEIBZ TV ELORIGICEAT &M H Y |
FZEENDIZZHOBHERNLRSENTEDS 2 B ICHDbREZT v 7 — AR,
Nz B0 ZFEND BV NE AEERIZ http://www.zenkyoutou.com/7 > 7 — b Jl#&.pdf
FEEIRAENTEY BN —VIEREDBD R alfETh D,

-297- ©2020 Information Processing Society of Japan



The Computers and the Humanities Symposium, Dec. 2020

ZEW] X, BRHEROEMEE THY ., <D
AIEENRE L2 EEZIAATND, it K&
TORELBIOISENEIIAEND F— AN
%< Hot, ¥ Lo T, ARIETIL, FIREZRIR Y
TXANERI EWOBLENDL, TH0 TER
SEE ] OT A R ETHEAIET, WO
DORLERZ 1T > 7= ETP TEHFERM & LThH
WOzt 52212 L, [HicR L] RFh
T HREOBEEN 2 WEDORIE, £1-, HE
DT WD T RE RN Tl 2 4K > 2% T
TEAIZR D DO LERWZRER, 451 AoEIZH,
FHENEIE 1L 440 T - 72,

3. DMFE

H&EEZ EOBERGERE DD EE LR,
% 9713 SudachiPy @ SplitMode=C % Tz RESR

i@t Uiz, 7 7 # /b N OFEE Core 727 & | B 212,
EINEOBEEFLFTHD HEAREIE) 25 (AR

a BIZIX 17 BLOEET) 4 KANGELH
bnT) Ty EERZNS] [ FHRoFEHR]
& D BIN ClESN 2 200 L 72 & R 5 iR
WX LT, TR Ao TR E D 2 LTk S,
LM LZEIIETRZEWS Z 2 72] Zhus—/4E
Hoy &> CTHEZXLZDITEE>T2.] LWV HHD
ThD,

b S TRRRIAMAIE ) & LTCATI LTV D
S LTOHR, THFA Mol HlziE, I

) —EHDOERICR 726 E 9T 50 ORRIT.

(208 AEITIEL BV Bl -5,

ZREFHNS, oS REEZ ER LD 6,

SIEERNL S o & -0 & Ul E i &
MOEE ZLNIE L o2 B ) E0nH oD
X, 19°%) oFSERERE, ZRLEOT X
A NEEHE LI, T2, THEEROFME
Kotz B EnIHrERMOREZE T, HhaE
KOERICL A, B, ¥, HEORBMITE
IMEIZ RO TR, | EWV D HDIZ DN T,
AT LWV ) LENHRMEEET L0
DERE TERICL DD, | LBy Z8A LT,
ZDOEINTTHFA RN o R B 2,/ 3,
R4, 5, e, f7, 9, 10, fI 11, R
12, 913, R 14, §9 15, [ 45, [ 46, 147,
R 48, f49. 50, B51, f52, 53, R
54, [ 65, f68. 69, f70, 72, R 73,
Ftﬁ 74, FIFIEJ 75 & Lflo /%\IE”E]:\ /l) :/:L‘—k LTix
B0 LR o FERICKE S BHbY o
HDHEHITED AN, R ED I HIZZESNTE
WTT 0] EWV oS ZEHRDLEENTZ S D0,

2020 H o HHmBAME 2 £ 5§ S AL E T2,

(R U TRRHMEE EORMESNE T ) &
W T AR & B A0 B U CiddbR Lz,

-298-

& TR cpBElsns 2, SEOSH TIER
W2 BN AT =0T, AL b REFEL
72 Full OFFEDIT 5 & Az, SEFICEE LT,
BBt B 8. T X A PO A £ T BT
BETRWEEZOND MR L, 4 - 8
e BRFAOREE Y 7T v Lin, EBHIT,
SlothLib @ Web X— N HLHIGE LA Ky 7T
— R VU 2 M, BBRIZOMNTICERLL 220 & B
NAHHEEZIMZ, ZnbERILT-,

ABIDT F A N Cid, JEREEMRIT D5 R %
ZOFEEHNDLOTIERL, —F, BEIIZ )
HLEXTERD ST LOE FEETHRLB LT,
Bl ziX, THE B9 0 110 8, Tsect 6] 72
S, DEISNTUIEREZ RS0V, ThE
v D EES 110 - 8) [SECT6) & R ALEECE
Tz TN D,

ZOEIICLTHEBIIOBEIENREEZ &
DT F A M%& . scikit-learn @ TfidfTransformer C
SCEAR Y MV EW U= 1% BREE O R0 5
BTN ERICET S AT I VI LN -
TIRY T L, INES BRI E S, £
LT, PHBICKA M BEOREEAFETHZ L
T, Zo0Hh T3 Z@ATH5DICEHE L TW5D
HEEZHLMMTT D,

ALREENCR LT, EB o [REEH) <
H5H 1968 FFETE, WbWwd TINF] nNBiE
725 b DT> T 1969 LI TIER RN
EIEESbNTW5, T, ST KRFEANZE
2R D BRIORE R 2 VT, {1968 4ELLAT A
DY T A, 1969 HLIEANFD Y T AL &)
BT AV ERH L, IEEHRO 72 TH M
TR DL TTHR A MARICERTRNEE
DECTWDEIDERIET D, 20O _fEDT VI
FoTHEEZ DA BRLRE TRY 7 L=
LOEHMT— % & L, D TFE S E T,

F 7. 2ILENED) AT [RRES) ThD L
WO FMNH D, Wb D IRIEEIZE OiES & 1%
KBIENDRXPZL0 ) BERLRE, %2 T,
[ ILBESh 5 5 W X S 2 OB E B
SIMLUE LTh ) &0 ) RHA~DRIZ % VT

[

http://svn.sourceforge.jp/svnroot/slothlib/CSharp/Vers
ionl/SlothLib/NLP/Filter/Stop Word/word/Japanese.tx
t

d BRI, TWwo ) Tnwa ) Ihsd) 145
(&) v 25 Tvo) ITExs) Nx
LW T35 TH5) Tl Tex) Tnd )
(KB B TXED TE5) THFo) I<h
5] 105 THT) s TLE ) T3R5
(%) TB5) iz,

©2020 Information Processing Society of Japan



F7HNC, {—RFEAEL LTBIND Y T A TEBF
ELTEMDY Z AV WD i T 3 5% 0E
LY 7% A POABFITENR LD E R D,

DR E LT, RO DBES TH 5 L TF
RFLT, 0 8ad & L COMEREAER RV &V ) Bl
&R BB AR— bRy F v BRI LT,
FEHE 1T scikit-learn @ LinearSVC % fV 7=,

NNAN—=NTA—=ZDF a—=7I21F
Optuna®% i\ 7=, TF-IDF /37 A —% L LTI,
o/ MEE (min df) % 1~5 SCEORT, K8
J£ (max df) % 5~100% DM CHRI¥EE L /-,
LinearSVC (2B LTI, C % 0.001~1000 DOH T,
intercept_scaling % 1~100 O THH#E L, max_iter
13 10000 B TREE L7z,

4. DHER
F9, T RITHBT D HGEL, HBUHEEC
ESNWTCU— K27 77 RTHHIL LT, £ DR E
X2 12T,

K2R

SV 4
]HNWM\W&%ﬁWM
LT 2 . S5 EED (P e
{J:< 2 72 I%%
o K KA “maficlt 5 G
i e i o % LMWLy b]’.{ﬁj?
\EJ Iélﬂé‘ﬁ i) ILHK‘ \ " 3

TR BUAREL 2 N\ £ 2 2 mEE
2. A - WY - O ML

Figure 2. Word cloud of nouns, verbs and adjectives
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Table 2. Top 20 most important words (after 1969)

BE EEE (FROMME) B
Words Feature importances | Frequencies

B 1.2873 29
ESS 1.2315 11
R 1.1755 69
B 1.1574 4
(AR G 1.1531 11
v 1.1373 16
LIRS 1.0146 31
Al HEME 0.9095 21
I 0.8699 65
R R 0.8528 8
FRFE 0.8518 26
PN 0.8434 4
D 0.8384 2
HaREFEER 0.8354 16
5 0.8233 19
w9 0.8180 15
N 0.8112 54
JEM 0.7938 3
fiER 0.7681 33

BiTE 0.7624 144

Table 1. Top 20 most important words (before 1968)
B EEE (FROMHME) B
Words Feature importances Frequencies
M) 0.7967 111
e 0.7720 53
PN 0.7452 71
TS 0.7286 123
EAN 0.7072 65
sRfb 0.6943 36
EZz 5D 0.6731 331
L 0.6725 298
N, 0.6560 31
VA 0.6158 48
2y 0.6147 80
Bl 0.6142 50
L 0.6091 15
kP T 0.6006 25
< 0.5954 163
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Figure 6. Distribution of “students” and “activists” classes
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Table 3. Top 20 most important words (students)

AR AV a—R Y VRIY T L] 20204E12H

52% 0.9095 39
bnd 0.8976 45
PR 0.8790 69
R 0.8570 14
E25 0.8506 331
it R 0.8259 41
bk 0.7817 67
BRNES| 0.7488 41
Sk 0.7400 76
(a2 0.7383 67
& 0.7286 65
— A 0.7168 53
2T 0.7030 45
ith 2 0.6934 28
W55 0.6856 10

B HEE RROMHE) B
Words Feature importances | Frequencies
HEED 0.9768 227
SER 0.9010 16
LR 0.8537 152
HiE 0.8499 10
R AT 0.8168 25
G 0.8156 10
HiEk 0.8068 19
TEY 0.8006 22
ES)ES 0.7964 178
K 0.7921 68
(iR 0.7883 9
174 0.7510 23
B H 0.7385 8
iE 0.7374 66
TR 0.7247 11
o 0.7241 16
B 0.7124 21
BEL 0.7049 41
EFn 0.6980 291
[F]7Z 0.6845 33
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Table 4. Top 20 most important words (activists)

HEE BHEE (REOMHE) BE
Words Feature importances | Frequencies
A 1.0283 37
FRRE 0.9938 55
sRAk 0.9549 36
BITE 0.9473 144
ET% 0.9371 68
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