BRUEZMRRE

Vo0l.2020-CSEC-91 No.16

Vo0l.2020-SPT-40 No.16

Vol.2020-EIP-90 No.16

IPSJ SIG Technical Report

Twitter ICHE T 5 Ry MBIFEBTOIRIK & 28

FEME MESED UM EEED O RDE gEE? S R R Fad!

\

BE : Twitter REDY =V ¥ VAT A TIZBWTC, IV a—X7TaZI50250avFrYEHET
BT 2Ry hEIEENET ATV bDH B, —RIZ, Ry NIV =YY VAT 4 7 ETO= a— X3
RIEEREREEHMNIZEHINTVWS., LLL, OV =YYy VAT THHAER, 74 7=a2—
A DB IR E DT EBIZR Y b 2FHALTWS, 20O L5 RFAZ <), HEKERCIZL
DRk% 2Ry MEBIEMORENINT WS, EBANTIESEOMESL D VN OFEEZZTOFEERAT
V. AFRXTIE, BRSBTS Ry MBIEMOBIRIZOWTHEL, EANTERY b 2B 285
DORIESIZ DWW T L 7=,

F—7—K: XKy b, Ry MG, Twitter, ba—J)l, 747 =—a—2A

Current state of bot detection technology in Twitter

Abstract: In social media such as Twitter, there are accounts called bots that automatically post content
using a computer program. In general, bots are used for the purpose of distributing news and advertise-
ments on social media. However, some social media users are using bots for activities such as spreading fake
news and manipulating information. Various techniques have been proposed by research institutes and other
organizations to prevent such behavior, but due to language barriers, foreign techniques cannot be used in
Japan. In this paper, we surveyed the current state of bot detection technology in Japan and abroad, and
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summarized the problems involved in discriminating Bots in Japan.
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4.1 Online Human-Bot Interactions: Detection,
Estimation, and Characterization
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4.2 Identifying Correlated Bots in Twitter
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4.4 Language-Agnostic Twitter-Bot Detection
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Detection on Twitter
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