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A study on a Drowsiness Detection Method by Sensor Information of
Smartphone Use

YOSHIKI HAYASHI"! TAKEFUMI OGAWA 12

Abstract. There are many studies on technology for judging drowsiness using facial images. However, it is necessary to consider
the privacy of users in order to realize drowsiness detection in daily life. In this paper, we describe a method for judging the
drowsiness of smartphone users using data from built-in sensors in their smartphones. Using sensor data from when a user holds a
smartphone or taps on the screen of it, we have built a machine learning model to determine whether the user is sleepy or not. The
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results of the subject experiments showed that there are situations in which the proposed method is effective.
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