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= Lyecon(Enc, Dec) + Lprior(Enc) (6)

Lyvag = —Eyxr) | log

Lyecon(Ene, Dec) = —E,x0 log p(X™|2)]  (7)
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Wz, NUyFOFHIPBWT, FRENIZHSAVWE Sk
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+Eg.., [1 — log(Dis®(X"))]
(10)

ﬁf

t w(Enc, Dec, Dis!) = Exs[log(Dis’ (xP))]
+ Eg., [1 — log(Dis! (X7))]

(11)
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Proximal Policy Optimization (PPO) [13] Z A\ 7z. A
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LDOHMIILLT D K S IZED 7=,

7y =0.6- 777 +0.2- 7P +0.2 . pfom (14)

RO,
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P = exp(—2 || X © X |?) (15)
i = exp(—0.1 || %, —%, |?) (16)
o™ = exp(—10 || CoM (X") — CoM(XP) ||?)  (17)

ZIT, HEOWIUWOTAERTOEERL, B CoM (x)
WBZEHZ AU TAB I -V sV POELEIRT.

4. EER
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TEABOHERI DALY 0, 58K 1 DAY ZA504 N(0,1) %
ER. CVAE ATHWS NS LSTM 1%, WNERIRED IR
BE 256 LT 5. F£7z, il bFikiL Adam [16] % H
W, ZEEEK0.01 T6000 TRy Z7DFEEEITS. TDHE,
A0 N(0,1) D2 S5 BN BEER L T8 2 5 A5
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108 TE¥Y — RZ2AWTHRZEEE 2475 .
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