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% 1: ABCI Resource Types

Memory Local SSD #Maximum Instances Walltime Limit
Resource Type || #CPU cores #GPUs

(GiB) (GiB) /Job (Max, hour)
Full 40 4 360 1440 512 72
G.large 20 4 240 720 1 72
G.small 5 1 60 180 1 168
C.large 20 0 120 720 1 72
C.small 5 0 30 180 1 168
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2: Breakdown of Degree of Parallelism by Job Count
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3: Breakdown of Single or Multi Node of Full Jobs by
Node x Hour
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Parallelism Job type Average STD  Median Min Max
G.small 2.514 7.533 0.495 0.083 167.385
Single Node | G.large 4.498 10.072 0.552  0.084 71.932
Full 1Node 2.848 8.996 0.393 0.083 72.006
Full 2Node 2.212 3.040 1.711  0.084 71.998
Full 3-4Node 6.024 7.102 4.013 0.084 53.502
Full 5-8Node 6.304 11.034 1.347 0.084 72.006
Multi Node | Full 9-34Node (1Rack) 5.538 8.355 1.582  0.083 70.662
Full 35-68Node (2Rack) 4.108 10.779 0.345 0.085 56.007
Full 69-136Node (4Rack) 0.441 0.902 0.173 0.084 4.346
Full 137-512Node 0.316 0.364 0.219 0.084 1.943
Lo — Bl ARFATHREAE ) TICHRBR LY a 78id s h
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M//////
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0.2 — Full
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—— 5-8Node
—— 9-34Node (1Rack)
0.2 —— 35-68Node (2Rack)
—— 69-136Node (4Rack)
137-512Node

1 10 100
Time (Hour)

(b) Distribution of Multi Nodes Jobs
4: Distribution of Job Walltime
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B 1GPU : 8380 ( 3.87%)
1195 ( 0.55%)

2GPU :
Emm 3GPU : 2137 ( 0.99%)

EEE 4GPU : 204963 (94.59%)
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(b) Ratio of Used GPUs against As-
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5: Breakdown of Used GPUs
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