BHRLEFHRERE
IPSJ SIG Technical Report

Vol.2020-HPC-175 No.14
2020/7/30

F A —F 5 — =2 T ORI A DI

WA IEREL)

BE : mMS ARRNINFEMATICBNT, BR - AR 2HR T2 8EET VL LTERNMEI N,
T OBMEMIEIIBR FHEMHEICB I IREEELRRZAID—DLR>TWVWD., —J, LEMLZRSEIZ
BWCT+« =T 7=V THMPREHINTE Y, WSS HERORMFIEIZEIRHINAED TN 5.
Sirignano &I EMA GO EE T, BHRSM, RG22 9 X5 (CEAEEEEEL, =a—
TN Y NI =212 HIED I LIl >TELIRE 155 itk (Deep Galerkin Method, DGM) %% L
TWa. ZOFEE, FOBRAMESHRMEMRREDT—R %25 2 5L, KHEBOD TV E LR EREDIED
AP ORMS HRRROMEFH - #iwd 2E DT, BFEWIREMD HRRORMZOEDIZEHLTWD
FPMBOFIELITRELRD. UAUZOFHEICKDIGARNTEZEND 2L, EORE DTS /iR h i
WABERDWNHS NTRVES DL, T I TAMSETIE, DGM OEMAMNEEZHET 570, Tz iikE
#r, D F U EHMEM: Navier-Stokes SFRDKMIZIGHT S Z L2 HRE T 5. 2 IRIT Burgers HRERAIZ &
5 PAErE, 1Rt Navier-Stokes HFEZUIT & & EEIAE M, 2 T Navier-Stokes AT & 2 BliTal)
HJE D OEEERND 3 FEEOMBEIZH LT, DCM 2#HLU7~. DGM 2 &k 2% R UitBESMFDE
MBI LD LR U 2R, MHELEMAL< KU TEY, DGM OEMMENRINDFER 21572,

Application of Deep-Learning Technique to CFD Analysis
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M 1: DGM LB S =a—F )32y N —2DFH T 0t A
Fig. 1 Training process of the neural network in DGM
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Fig. 2 Neural network architecture used in DGM
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Fig. 3 Comparison of the result of 2D Burgers equations
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Fig. 7 Comparisons of the result of supersonic flow around a blunt body
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