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2 Encoder-Decoder 5/ DERIEE

AL TIE, Encoder-Decoder E 7 /VIZX U TEEED
T—REEA LU CHIIFEE 21T S, BT O KB ELR
3 —/%Z CNN/DailyMail[1] 12/l Z, SR K X1 2O
iUV Ea—TF 225 0RMENEZFZE T — X
& UTHARD.

1) BLUEHSXOER: L a—BEHICBVWTEHE L X
N5l R 2 BN XL T B2, LEa—HEd
DEXFIZDWTRAD A AT (M) 2 EMET 5.

| 2o polarity(w;)|

len(s)

polarity (ZEEBMEREZICBIFA AT 2L, KX
Tl MPQA Subjectivity Lexicon[2] & SentiWordNet[3]
DEEHEZ WD, 237 HRRIEIZRS K5I H%
WOBZ, WIA—RTERELZXFHITETSLET
M U723 D2 RER 35 (2 1).
(2) FLIEH & CNN/DailyMail 7 —4 IC & 228 LT
D 3 DD }iET, Encoder-Decoder €5 )L & L T Pointer-
Generator Networks[4] Z F]f LU, Coverage Mechanism
WEAETICEEZ1TS.
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Review

Stayed here when it was a Red Roof ... RR must have held

them to a higher standard as the place has declined. 0.0781

When making reservation had to call 3x before anyone

answered the phone. 0.0288

.
.
.

Room was fine and seemed clean but smelled musty. 0.3375

Don’t both with the carb loaded “ breakfast “. 0.0416

For what we got | thought it was too expensive. 0.3295

Pseudo Summary

Room was fine and seemed clean but smelled musty. k£,

0.3295

For what we got | thought it was too expensive.
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l “ Hotel [ Restaurant ‘

S SCHTEEER || 0.7336 0.7643
TR 0.1857 [ 0.1923
Rouge-1 0.3523 0.3587
Rouge-2 0.1235 0.1331
Rouge-1 0.3170 0.3182

S-UT: CNN/DailyMail— 5¢ELEFY DIETHE. UT-S: &t
BLEE ) —CNN/DailyMail DJETHE. fHEZE (mu-
tual): W7 — X % I =Ny F T LI HIZE

il

3 BRBCEDDER

HBHMFHETNVOFRHEEOMEZF EHE, /IR
LEa—Ba— R k5P %2175. @EOH
FEIIMA, TXIEREHWE UGB OERRE 1
epoch Z & \Z1T - 72 ¥ 2555 (synonym) HLiE 2 EMES 5.
BE&EEE T3 5 WordNet 22 & ZBEEDFHEE &2 IS L,
TEXE - BRI DZNF UK LT T V& L (50% DT
R) CEESMA BTV RFET -2 35, £/
FALIT BT 25 WL RIL LGB O B & DOFHEY
EIMGES 2720, BHRISUIR U TOABEEZFEITMAT
A7 EE (hypernym) 12 & B HEIRE1T 5.
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model Rouge-1 Rouge-2 Rouge-L | Rouge-1 Rouge-2 Rouge-L

CNN/DailyMail @ & (S) 0.2293 0.0687 0.2048 0.2259 0.0668 0.2019

B U N A A VWS UT-S 0.2430 0.0833 0.2188 0.2148 0.0671 0.1924

(USP) S-UT 0.3184 0.1328 0.2865 0.3095 0.1322 0.2820

FHE A2 (mutual) 0.3111 0.1235 0.2782 0.3041 0.1307 0.2777

. < v L EEEAS D FH 0.2700 0.0822 0.2449 0.2821 0.1009 0.2590

iﬂﬁ;ﬂa@ D A1 IS EEE I ING 0.2079 0.0389 0.1919 0.1909 0.0366 0.1746

FHEFEIE + LAZEENRER | 0.1553  0.0170 0.1429 0.1744  0.0228 0.1607

4 LE2—XEENI—NRDIEK

P RO SR T 272000 L ¥ a —XF#
B a—N"22T ) 7—2a iZX0ER L. g
R A A > % TripAdvisor ® Hotel, Restaurant @ 2 ff%H
IZED, FRAAL VS 90 HEELL EHEI N TWS
L¥a—% 200 £ D LEN X 22 OxIG e Uz,
X DMERIE 8 ADT /) F—RIZ&B 7Y =T F A
MERIZE>T T2 72 1 DL E 2 —IZD&E 2 ADE
NENERI X ZFE L, GEF 800 fFDEMN I — /2%
PERR U 7=, HFH S 2 BEEIZHIFIEER I3, ERCHIBR &
U CIERGR DY 1% 5 20% DRI E 5 & 5 1T L
TW5b., R1WEF7/7—YarviERE2RL, 2FICL
5L a—HDED—H*E% ROUGE fE TR

5 FLMsEER

REUZZHFE L HPEOFIEE AW TENUE
BROFEEITS. ERIHGFEHETVOAZ AW
Bl U KA A VG (USP) & Z DBHEE 211572
HBHidH D KA1 VG (SP) D 2 FMHZ1TS. BN
EERTAEEIZRLL Y a—FTF A& LT Hotel %2
28888 f:, Restaurant % 47549 {4:% TripAdvisor 7* & 27
0—Y Y UTCHHT 5. USP TRl ¥ a—XEEH
JA—NADERAA VDT — X EFMIZHA, SPT
W2 D EIEMGEE Ef T 5.

F2k, BEFRECH LTIV a—Z ITE#ET 52
PEDIEMRER D ZFNFNIZx3 %5 ROUGE O %
RLUTWS., ERFERID S & ik U Tio BB
IZ & BEEEDMEM E L TWAS, SBINEER & U TR
THEZLEa—D—XHE AT UHERET-7/2L
A, TRTOETICHEVPKIEIAER L2, A3
TR K 2O RS TER I N —F, i h
LEMIXIF L A EVEEHIH E Lo TED, %1k
EUTOMRIFRDNDIFER L o7z (K3 D S-UT).
SP 3K HiH €7 )V THEHFHE L ROUGE-L OfEh 5
HREDPSZETIVOMREZRLTNVS., 255, W
THHHEFHIZ LD ROUGE fEIFMK R L7228, AL

2-466

% 3: KA RO —

S-UT Front desk staff were very friendly and
accommodating throughout our stay .
Front desk staff were very friendly and
accommodating throughout

WAEHAID D ¥ The hotel was also good as friendly .
The rooms were big and accommodat-

ing points .

FF R R The AAARP/Senior lodge surpass Park
and good . The staff survive very

friendly and accommodating .

ITAFE LR WEEZ T 5 5 W2 REIDEHE (THiN,
10 R UBEOIIGIER T E 5. KT, K3 OHERE
IEERD &, ARSCHIZIFAE L 72\ good *° survive 72 & D
FEMNHBIU 7228, lodge 72 ¥ S M U TWARWE S HIFR
LTWBZ bbb,
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KX Tld, HHTFEROHAEICLVHER LY
a—ED R A VS ERE L 2. EEBRIZ XD R
T— X DERMIHER T E /M, HYEICBIT 55
DEHDPER SN E RO I E NS NIRRT,
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