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Development of the learning analytics platform
and its dashboard

MASAKO FURUKAWA™ KOJIRO HATA™ KAZUTSUNA YAMAIJI'!

Abstract: In this research, we developed a basic learning analytics system to support learners at telecommunication universities.
We also conducted an analysis to clarify the characteristics of students' learning behavior in correspondence universities.

The learning analytics infrastructure system consists of a server which acquires online learning history data and performs
anonymization processing and statement processing based on standardization techniques, a server which accumulates processed
online learning history data, a JupyterHub which refers to and analyzes the online learning history data, and a dashboard which
visualizes the analysis result of the online learning history data.
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Figure 1 System overview.
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Figure 2 Access per month (per learner).
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Figure 3  Access per month (per subject).
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