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Algorithm 1 The Algorithm of Our Noisy label Cleansing

INPUT: D: Dataset with noisy labels
n: The total number of O

1: WHILE noisy /abel = 0
2: Initialize noisy label (=0)
3: Traina CNN on dataset O
4:  Set athreshold 7
5 FOR/=1n
6: Extract the false data whose class confidence is
over 7
7:  IF The label is wrong
8: Correct the label and Put it into D
9: noisy label =1
10:  ENDIF
11: ENDFOR
12: End WHILE

OUTPUT: Clean dataset D
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