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® 2 PERET—X

KRIFHE | Fid | AE (kg) | R (cm) TR
A 25 62 174 Man
B 23 58 173 Man
C 23 68 174 Man
D 23 82 175 Man
E 23 66 177 Man
F 25 55 172 Man
G 23 62 177 Man
H 23 67 174 Man
I 24 59 172 Man
J 23 70 171 Man
K 24 58 163 Man
L 23 56 165 Man
M 22 55 157 Woman
N 26 49 162 Woman
O 23 82 174 Man
P 22 41 157 Woman
Q 23 52 167 Woman

iy

(2) Waist

(5) Left-ankle (6) Right-ankle
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H,OEMERNE o 2z onwTlE, Ao THB.
7z, MEZRB IO AT, FH7 - ATERLEE
ENEZBRETVEMHALT, ANDE VY F—=223ED
MALIZEE I N Y RO 2 ET L. FEIE 70
Y AT, MERH IO A CHE I NEEEMBRBRIC
HEONWT, TORBICRML L 72, TERSRE TV 2EIRL,
NREBRBTEOFBZITS. LErLEBNS, ALY
REMSITHE I R A1 VRbRFET -2 2L
T, BWEER—ZADMBERMET N, THZRBET VE
MEELUGE, RV PESMENEE T XL ES LA
RBEENEALTUES LW HEIEI LT WS, £
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x® 4:

R NVEGHAET 2720 DY A b

TRl R B A B A FE# (T:Time, F:Freq.)
mean (s) Arithmetic mean 5= Zl 1 Si T, F
std (s) Standard deviation o= \/N N sy — 512 T, F
mad (s) Median absolute deviation median;T | s,Fmedzan] Is;I"| T T, F
max (s) Largest values in array max;'s; I T, F
min (s) Smallest value in array min;['s; T, F
energy (s) Average sum of the square + N 82 T, F
sma (s1, s2, s3) Signal magnitude area % 5 Zle [sij] T, F
entropy (s) Signal Entropy SN DeilogDeIT, ¢; = s:/ E;VZI Sj T, F
iqr (s) Interquartile range Q3T'sI" — Q1T'sT T, F
autorregresion (s) 4th order Burg Autoregression coefficients | a = arburgl's,4I',a € R* T
correlation (s1, s2) Pearson Correlation coefficient Clwg/\/mFC = covl'sy, soI” T
angle (s1, s2, s3, V) Angle between signal mean and vector tan™! T || [31, 52, 53] X v ||, [81,52,83] vl | T
range (s) Range of smallest value and Largest value | maxz;I's;I' — mix,;T's;T T
rms (s) Root square means \/%st +s3+- 44T T
skewness (s) Frequency signal Skewness E[0==5T] F
kurtosis (s) Frequency signal Kurtosis E[l's — 5T*%]/E[l's — 51?2 F
maxFreqlnd (s) Largest frequency component argmax;I's;I" F
meanFreq (s) Frequency signal weighted average vazl Tis;,I'/ Zjvzl Sj F
energyBand (s, a, b) Spectral energy of a frequency band [a, b] ai}#l Z?:a s2 F

N : signal vector length,

Q : Quartile, T : Time domain features, F : Frequency domain features.

2T, RIRETFETE, 20k KA1 VRE{bOEHE
»éﬁwﬁmiét@@%ﬁabf Wi 7 = — X C
IS, TN ADMAEIZE U TR YT — X O mEiEf%
EiRE G5 T —REWMT O A%EAT 5.
5.2.1 TS ZADAEIS LT — 9 ZTHLE

F— XU 0 AT, HEENRONEE - Uy
AT —=ZNSX VYT ADEERME 2HHL, FD
%, FERF—RDY U TIVIZEEND LY TN A
MEIZEECIZARS &S ICHORERUIEZ A 5. 23z
FoT, UV EBZREDEVERINT 2HWEH S, X
T, Bt OEFEEDENEIRINT B 2D, [l
MR ZEA LU ZIEE T — X Ol 2 RS, ik s
MEADRYYT—X, Do JEFHE B OIIE
ETr—X2, G0 PEERNES ACES LD, vy
WEEE B OMEEF — X2 LT Z iz LT 180
ORI Z MZA 7 IEET— R THhDH. ZDLH1Z, A
Feebe Y F—& 1z U CEY R R 2 EA T 5
ZeT, FET-RANIZETNEY U TIN L EREDOIRIE %

TR ERT 5 Z AR TH L. Hiw7 = — K27 —
KAWL Z BT 255 0R e LT, T—XIRREAT
DI AT VML THEE U 72 B8 X — A D178 325

ETNEENEHTEL LW JRHIToND.
6. FLMMZEER

ARETIE, 5ETRUMCRETFIEOENMEZ2REET 572
HIZ, 38 TR U SenStick T — & & v b % F\W 72 21k

R b5 BTHINLENRE Ul v EENERHRO R
(T — R &L L)

LUV HGEAIE | BEE | HBE | FM
Chest 0.67 0.50 0.58
Waist 0.84 0.65 0.73
Left-wrist 0.58 0.46 0.51
Right-wrist 0.39 0.61 0.48
Left-ankle 0.38 0.48 0.42
Right-ankle 0.46 0.40 0.43
R 0.55 0.52 0.52

R 6: RITENT NIV ERNGR L Uzt o Y3555 07 i 78R O #f 51

(T—REHHY)

U EGEAE | EE | MEE | FE
Chest 0.95 0.93 0.94
Waist 0.85 0.83 0.84
Left-wrist 0.72 0.80 0.76
Right-wrist 0.73 0.81 0.76
Left-ankle 0.94 0.82 0.88
Right-ankle 0.83 0.79 0.81
g 0.84 0.83 0.83

(1) e U REMER : 6 7 7 A0 HHAE

(2) HAGER : 72 7 A5 EHE
(3) HALEN S TR : 17 2 5 25 HHE

Remy. BRI

1%, XD 3 >Op%EMEIZF LT,

FFEOAEMEZMGEL, ZTh o DFREELRT 5.
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6.1 TEUHREREMERH :6 7> XA0EME
AREICI, o VEEMNERBROMBREZRYT. £5, K&
612, TNEN, TREHLHEEZFEM LR WEE Y, M
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Confusion Matrix Confusion Matrix Confusion Matrix

“%age confidence “%age confidence “%age confidence
chest chest " chest 12 o 0 0 o a0
80 » T0
waist waist 50 waist 2
60
E‘ left-wrist e :‘:; left-wrist 20 E‘ left-wrist1 O 50
E T w E w
B right-wrist 40 B right-wrist & right-wrist{ 0
& (U] 30 & 30
eft-ankle 3 eft-ankle 20 eft-ankle o 20
right-ankle right-ankle 10 right-ankle o 0
o o o
£ &8 § & Fifs § & F i
& &8 g £ & & § 5555
Predicted Values Predicted Values Predicted Values
RALY ADTFANT—4 ALY BODTART—X RALY BOTFANT =& (F—XEHUHEBD D)
8: BATHI T NV ER MR L Ul v YRS ERHRORATTH
Confusion Matrix Confusion Matrix Confusion Matrix
%age confidence %age confidence %age confidence
100 100 100
chest chest chest
80 80 80
waist waist waist
E‘ teft-wrist &0 E‘ left-wrist &0 E‘ teft-wrist &0
z z z
B right-wrist 40 2 right-wrist 40 & right-wrist 40
] ] ]
left-ankle left-ankle left-ankle
20 20 20
right-ankle right-anke right-ankle
0 0 0
A y 5 & & A ¥ & £ & A y 5 & &
& &£ & § & &£ & § & &£ & §
Fid/ Fid/ Fid/
Predicted Values Predicted Values Predicted Values
FALY ADTAMT—4 FALYBODTART—X FAALY BOTAMT =2 (F—XEHINHD D)
B 9: BTEIZ NV (<, BB /D 5, £2) O I EEMERROEEITH
R T BRATEI S L (B, BBRES /BD B, D) R R 9: L UIABEGEOIEARITE) (7 2 5 ) FARREE D g
YUtk v EEN B RBORR (F— 2 kL) wopngm | T AEBELO [ T2 BB 00
LU EENE | HER | mEER | P FER CEE FAE) | KSR CEEF i)
Chest 0.72 0.51 0.60 Chest 0.72 0.80
Waist 0.99 0.86 0.92 Waist 0.80 0.83
Left-wrist 0.63 0.56 0.59 Left-wrist 0.54 0.75
Right-wrist 0.44 0.59 0.50 Right-wrist 0.51 0.79
Left-ankle 0.46 0.51 0.48 Left-ankle 0.62 0.79
Right-ankle 0.49 0.51 0.50 Right-ankle 0.76 0.76
Y 0.62 0.59 0.60

Mo, T REHMEEEF L WEE DX v EEAE
x 8 WNFTH TV (B, BEED /D5, £D) 2R &Y 52%, T — XL % 719 83%, @ F E TR

& Utz v SN E RO (F— R EHd D) TEBZERLTED, TR2EHNHEZHEMATLZ LT
UYYGENE | SR | SR | F M X U Y EEEAE OGRS 2 31 NWETE D Z L R
Chest 1.00 1.00 1.00 L7, ZORENS, L rdoiEsEmEos e, M
Waist 100 | 100 | 1.00 P REHIE BT 5 LT, RS TEEMES
Left-wrist 098 | 097 | 097 Sk VR EHAE AL ZEATY, H5 8 WRETE Y
Right-wrist 0.97 0.98 0.97

Left-ankle 100 | 1.00 | 1.00 VERMBORBATETHLLIXS.
Right-ankle | 1.00 | 1.00 | 1.00 773 L ORT RS, ToREBNREEAL VG
ERD) 0.99 099 | 099 U 7258 0ENTE 7 L (B, BEES /KD
E) ED) DR VYT—R BHHRE Uzt VY EENER
ﬁb#% DOEFEHTNDEe v F—R 2HRE Lzt ﬁ@%%%r? 7z, M9, BT ANT—XEDOEY
ENERMOMRERT. /2, M8IZ, NASY LENBERMOIRSITH R RT. fERIE, T — X EHL
A@71br~ﬁ,bx4/B®71bT—ﬂ,Px4y ﬁ%ﬁﬁbam% DY v Y BENEZ T 60%, T—X
BOTANT—RIZT — XU EEH L7256, Th ZHLIE % 5 99% D FE TR TE A Z /R LT WA,

TS 52 v EEMERBOEAITI 2R, KR ZOFERE D, HL, BBES /D 5, £ EHNRAT
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BB L TIE, ISIEMEFIC & v S S AT E 2 28 T AE
HEEAD. %@t&b -t Yt éuﬂéa’:ﬁﬁﬁ
HeE T 5 72DI21%, B2 5, WD, \iD0D & D mEifT
s, BITENCYOEBDLERAI VT ENRR—UTY
F O CEER VR WTEIC L O RIL, o=
DEITEI DT > TW A ERHIZ, & v P EENEZ T
TETENETHEEEZSNS.

6.2 EAXRITEIRH : 707 ANERE

AT, EARITEHE (777 2A0HEE) Ot %
KT RO, BUHNBEBOEARITH (725 R) DR
FERART. MEERE, R (Waist) O& VY 23Rd @k E
12, HEARTEN T 25 AT L BERTE, T—X
A EH U2 WS, FY80%, T — XA %
HWHT 554, FI83%D FETRBTESZLRLTW
5. F7, WERCBILTH, HIERAE WS 83% 0 F {HT
%ﬁ?%é:t%ﬁbfwé £7-, £ FH (Right-wrist)
BL T, 7= XML ZEH L2 WEE, s
ﬁﬁ%ﬂ%@Fﬁf%é®\ﬁb,T— 25 AL PR 7 56
5T, I TI%D FEICUGE (+28%) TEHI &
ZRLUTWS, 10, M112, BT E0x i
EHMEIZETS, FAS VA DTFAMNTF—X, FAA Y
BDOFARNT—Z, RAAYBDFANT—RIZT—X
EHIE 2 EH U 7256, TN NS B EARITEIGE

BREMTHEZRT. IO DR S, B IROKREIZALE
TEHEUHIE, D, H<, ELREERNLHETEO
DA THIEEEZOND, £, KBRIET S
VI, UV ESRMENELDLNAS VY BDOTANT—
ATHEH5 7, SEOBECEATH Z2RBCETWEZ
EMS, FEFTBEIC, T =Fa—FNkY, vUVES
[ E K LR VWABESORMEZHEEHL WS & H
ZoNb., MTPEHIIMET ST, MOBEEMNE L T
RTCBHEEPMEND, ZiE, ERTFEHO R < R EME
P PCEEREDRNPSITHDOL BTFEMATLII N
5, IhoDEMENEARITEIZRHNT S ETo/ 1 Xk
D, BHBENPLLLLTVWEEEZONS., TO—/T,
PO VL, 2—FORNPSFTHZR BT VWS
BT, BHBREVTERABIENTELEEZXS. K
Wi, ERGFEICINAT, RS FHORBSZEL T
LHEAEE Tl LA

6.3 EAR&LEASTEERM : 17 7 5 AN ERE
AEITIE, EATES KO STEEEH (17252
SHEME) OFEEZRT. £101Z, v iEHEDOREAK
TEIB L ORBSTE (17 7 5 A) ORMERE2RT. K
o, AifiioEsa0, H£F 8 (Right-wrist) O+ /ﬂ
WD ERBEIL, 17275 A%2RMT 52 L DMERT
TR EEH LR WEE, Y 40%, T*‘ﬁ%
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LR AT 254, FH65%D FIETRMTESZ
ERLTWD (+25%0K%). %72, M 12, M 1312, HF
B (Right-wrist) XY HizEIF 5, 7— X AL % #
HALRWES, T 22U 2EAT 258, Thth
DEAREZR P SITHIRFROBEAITH 27T, X 13 DFER
X0, £AFE (Right-wrist) OV DATIX, HED LN
50D PCEEEIH RN S D PC EEDERFP, bk
MODATREEMEL FED DS DAY REEME, ficxesd e
BHZ 72 0 285 A< R EE 2 BGRER L T\ B Z DR T
5. INS OB, MOEWAIrET DY 2
AEGHLELI LT, MHTE2DTIERVWNREEZS. £
72, EFE XY, AFEOHPRBKEENE VB, %
BB hEOEBPENMETHY, T—Xky bOhIC
fJ%ﬁ%ﬂJ%E%’G%ffm‘é*f‘/7°}1/7b§%75=of:7‘:&)f:“2:%
5. K111, E%%@ﬂyﬂt%®@®ﬂyﬁ®ﬁ&
BV L BEAGTHE L ORI SITE (17 2 5 ) DR
AR A RT. BRI, 20 Y ERRIHTAESIC i,
£F1E (Right-wrist ) &4 HE (Right-ankle ) DOfAG
PEN—FLL, %D FIET 17T 25 A% RBilkd %
ZEHRRLTWA., £72, 32k vYaFHATAEAICIE,
EEDFHE (Right, Left-wrist ) &Y (Left-ankle )
@ﬁ&Abﬁﬁ?%%%ﬁu,%%%%@Fmvnaﬁ
BRI ERLTWS, M 14, 1512, AFY
(nght—wrlst ) A E (Right-ankle ) OfflAGHLYE, /£
FHDFHE (Right, Left-wrist ) &R E (Left-ankle ) @
MHAEHLHEIZBIT S 17 7 5 AR BOEET 27T, M
14 OFEERP S, ETHIMAT, ETEOR VY 2IERT
52T, 2KMIZ, 177 5 AONEREMTHIL TV
PR TES. LD s, 4%{“@7&#@7\7%
BAERNLBEED PCEEZFGETRL CT\WE Z & DR
5. I1y6i3a®&/ﬂﬁ&Abﬁ(EE®$§tE
BE) I2koT, WS AT REEOMAMERRTET
WA ZEWHERTE S, L UIRARE LT, &ds PCHE
HOTMIITREI K LER 2o TWDE., S, — &
W17 2 9 A NHETEETIVERETIOTIERL, 1T
UOIZEE> TWBREDEATE Z L 721212, AXE
BELTWED, PCEELTVWEDH, BELTWVS
DONENETHLEMEOTBET NV EBEL, BB SF
B ORHNGE W EZRAD.

7. BHYIC

AFXTIE, EISRT — X EmE LR O X Y35
MED X CIFEFRHERE T IVICED L, v U TEEME L[
SITEWNZO N M RTEERERTY — 7 T — 2 RE L.
7, BEV—I 70 —0OFMEEZMGET A2 2HM &
UTC, EHOITEIERERE, EHOr v YREREME, HH
DY PHEEAE VD FITEDNTHZITHEEI N
TEEGRT — X2y & (Gt 276.8 fE]) Z#ERL7Z. 2D
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Confusion Matrix Confusion Matrix Confusion Matrix
%age confidence %age confidence %age confidence

100 100 100
lie lie o o o o o o g 100
sit B0 sit{ 0 24 0 o 0 O B0 it B0
5 stand 5 stand{ 0 L] 1] o o S stand
E 60 E 60 E 60
E walk E walk E walk
é 40 é 40 é 40
g cimbup @ dimbup S climbup
climbdown 20 climbdown 20 climbdown 20
un 0 1 1] 83 un 0 0 1] un o o o
0 - oy o 0
£ ¥ éf-' ﬁ' Far- £ ¥ éf-' ﬁ' F 3 £ ¥ éf-' ﬁ' F 3
7174 7174 7174
Predicted Values > Predicted Values > Predicted Values >
RAAL Y ADFAPF—& RAALYBDFARTF—2& RAAY BOFANF—& (F—XEWLED D)
2 10: B V2 HWERGTE (7275 R) BOEATT
Confusion Matrix Confusion Matrix Confusion Matrix
%age confidence %age confidence %age confidence
e lie 20 20 0 ] o o lie 1 3 ] o o o
B sit 0l gt o 0 o B0 sit{ 1 q84 0 o 0 0 &0
g & g stand 33 I.ﬂ 0 (1] 0 50 ,‘é—_ stand (1] /] 0 o 0 o
T 2 welk 0 o Iéfi 3 0 o 2 wak] 0 1 0
H a0 3 T 40 3 40
9 climbupq 0 1] 1 O dimbup (1] 1] 18 o o @ dimbupq{ © 1] o
dimbdown{ 0 1 0 20 dimbdown{ 3 0 ©0 4 1 n 7 20 dimbdawn{ © 0 O 20
mun{ 0 o s und 0 o [} 0 o o - ' und{ 0 1] (1] '
£ ¥ 8 & r &
§§j§§§ sneggj;; sné?;ff;
& &
Predicted Values Predicted Values Predicted Values
RALY ADFANT =X RALYBDFANTF—4& RASY BOTANTF—& (F—XEHUHMH D)
11: AFE YV 2HWEERTE (7277 R) BiOEEG1T5
R 10: v YALEBOERE LS (17 7 7 ) @Rk E Confusion Matrix
D Fis %age confidence
-~ lie 4 000000000000000
e T=REWIBRLD | T—REWBYOD lie-phone {0559 0 0100 0 022000000 0
v AT _ ) sit 10 0000000000000 0O0
iR CHIF M) | #R (V9 F ) sit-phone {1482 12000400000000 80
hest (Ch ] 4 sit-eating {0482 6 000700000000
Chest (Ch) 057 0-40 sit-pc-work {OB85 10 00000000000
Waist (Wa) 0.35 0.40 £ sitwrite 1149101 110000000000 60
- = stand{0 1 0@30 1 0Flo00000000
Left-wrist (Lw) 0.30 0.42 E stand-phone _DIOHHG 000 0100000
Right-wrist (Rw) | 0.40 0.65 3 stand-pc-work {0472 1 2300 0 0 ﬁn ooo0o0o0 20
walk{0 3000001 00F0110000
Left-ankle (La) 033 0.40 © walk-phone {0580 0 0 00 0 00 070100 0 0
Right-ankle (Ra) 0.40 0.40 climbup {0230 0000000230F]0000
cIimbup—phane-O.DOZGG000090 000 20
climbdown {0 4 0 000000080801 3
climbdown-phone {2310 0 1 0 0 0 00 0140 3 0/ 4
F—Kty M EAVT, BEFHEOEMEE BRI L 2R, nn{0000000000000000f3 [,
WY T — REWMFEE AT 5 2 LT, &g S i L
_ £ SEFEHLFTTECL gL
(6 25 A) ORMKEE (FME) BA+ 31%KH L, HA ¢ LL8% 58 STaEL
= @S Eg ® =%
78 (7279 2) OFFMEE (F4E) 2HK+ 28%KEH @ EE = E“ﬁ
KD ZEHER UL, £z, EATBHERASTHEGDE -
7217 7 ANKEEICE LT, RilkE (FMH) 2mA+ Predicted Values
25%EWEL, 3 DDk YIENE L HYRMAGDYE B 12: AFE Ly E2HAWELRSGE (17 25 2) #Hiko
52T BUDFETHRBMCEHILEZRLE. 5% RETY (F—X&Hx L)

I, EROBWFEER—2AD TNV T) ZLEF TR, &

FFETNTVALEFEALT, JUAEROBWFEHET  (17510001) 0uBEBYTEBINELDTHS.
NVOMEEWGIT 5. F7z, KFEEZBETHZHZI T

<, RN L — =0 [10] RRBEIT R [21] b vore  BEXH

SenStick ZIEH L7z nfio 7oy =7 MZBHL, 0 [1]  Sztyler, T. and Stuckenschmidt, H.: On-body localiza-

. tion of wearable devices: An investigation of position-
Bl 2

THORMIERAELRHS. aware activity recognition, 2016 IEEE International

BEE ARBIZEIE, JST ACT-I, X £ 2317, JSPS BRI & Conference on Pervasive Computing and Communica-
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Ground Truth

13: GFER VY 2HWERESTE (17 25 A)

climbdown-phone -

Confusion Matrix
%age confidence
0020210

lie 4

lie-phone o

sit

sit-phone
sit-eating -
sit-pc-work -
sit-write
stand -
stand-phone 4
stand-pc-work
walk 1
walk-phone -
climbup A
climbup-phone -
climbdown -

cocooo

cCooOQ@ULMoo
w =

corrogo

walk jocouv o g oflococcoococoe

walk-phone 1o R o 5 o

5

coorocoocoocoo
oSocooocoocoooo
choocooocooococococo
ccooocococooocoooO
CcocorHrOOCOODODOOCODOO
NODOOOOOoOOCOOOCOOOO

Moo ocococoooo

mn 4

ie jJoococoocococoococoocococowo
lie-phone jfoccocococoococonvnocoR
sit il ococococcomoofwinN
sit-phone {oocooccocoofocoa
sit-eating jo—~ronvcocow@owmn
sit-pc-work o cccococoffoown
stand jJococoror~ oo
stand-phone loccocococoo
stand-pc-work {o ccccoc o
climbup jo o w ©
un

sit-write
climbup-phone {o v o
climbdown o o

cimbdown-phone {o

Predicted Values
D
RETY (F—2ZHdb)

xR 11: Aot > HHAGDOEICTB T DEARELD STH

(17 27 5 X)) GRAHHE & O Lhi

RV T S AT ToXEWL LD | T-XEWH DD
DfflAGHE fER CEEF ) | #R CFE FE)
Rw & Ch 0.60 0.68
Rw & Wa 0.60 0.70
Rw & Lw 0.51 0.73
Rw & La 0.55 0.73
Rw & Ra 0.59 0.75
Rw & Ra & La 0.56 0.72
Rw & Ra & 1w 0.67 0.81
Rw & Ra & wa 0.64 0.73
Rw & Ra & ch 0.62 0.73
Rw & La & Lw 0.64 0.83
Rw & La & wa 0.61 0.71
Rw & La & ch 0.62 0.74
Rw & Lw & wa 0.65 0.74
Rw & Lw & ch 0.67 0.76

2]

tions (PerCom), IEEE, pp. 1-9 (2016).

Sztyler, T., Stuckenschmidt, H. and Petrich, W.:
Position-aware activity recognition with wearable de-
vices, Pervasive and mobile computing, Vol. 38, pp. 281—
295 (2017).

Um, T. T., Pfister, F. M. J., Pichler, D., Endo, S., Lang,
M., Hirche, S., Fietzek, U. and Kuli¢, D.: Data augmen-
tation of wearable sensor data for Parkinson’s disease
monitoring using convolutional neural networks, arXiv
preprint arXiv:1706.00527 (2017).

Nakamura, Y., Arakawa, Y., Kanehira, T., Fujiwara,
M. and Yasumoto, K.: Senstick: Comprehensive sens-
ing platform with an ultra tiny all-in-one sensor board
for iot research, Journal of Sensors, Vol. 2017 (2017).
Kunze, K., Lukowicz, P., Junker, H. and Troster, G.:
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Ground Truth

climbdown-phone -

Confusion Matrix
%age confidence

lie 4

lie-phone o

sit

sit-phone
sit-eating -
sit-pc-work -
sit-write
stand -
stand-phone 4
stand-pc-work
walk 1
walk-phone -
climbup A
climbup-phone -
climbdown -

oW
(=N =]

oo
(=== = -]
[ = B o B e B o [ - T T o s o e N e -}

%DDDDC}DDDDDC}GDDD

[=5]
=2}
o0 COoO0000D0 0000 C0O

ioocococoo0o DO O0O0oO0

mn 4

ie jJoocococoococoococococoaoco

lie-phone
sit loocooccocoococorouN

sit-phone _jocccccoococorowN
sit-eating jo~rococccooror rfflonoco

sit-pc-work oo ccccofRococo

climbdown {o o

climbup-phone {o - o
cimbdown-phone {o

Predicted Values

M 14: HFELEREDO Y HHAEDRIZ LD EATHE A

Ground Truth

climbdown-phone -

Wofi®) (17 7 5 A) B#OREITH (F—2LHhbH
D)

Confusion Matrix

%age confidence

lie 4200 0 O O 000

lie-phone 10 EE 000

sit A 0240

sit-phone -
sit-eating -
sit-pc-work
sit-write
stand -
stand-phone 4
stand-pc-work
walk
walk-phone -
climbup A
climbup-phone -
climbdown -

Homwowoo
jcocococaoccocco
—
[=]
o

mn 4

ie jJoococoocoococoococoocococoao

lie-phone o coococococoocococowm
sit il ococococcomooroO

sit-phone joccococcoococoo

sit-eating j{occccoconijown

sit-pc-work jJocococcocoooor

Predicted Values

15: HFE, AR, EFEOR v AGDHEIZ L BHA

[7]
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RHDBRATI (T =%

Where am i: Recognizing on-body positions of wear-
able sensors, International Symposium on Location-and
Context-Awareness, Springer, pp. 264-275 (2005).
Vahdatpour, A., Amini, N. and Sarrafzadeh, M.: On-
body device localization for health and medical moni-
toring applications, Pervasive Computing and Commu-
nications (PerCom), 2011 IEEE International Confer-
ence on, IEEE, pp. 37-44 (2011).
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