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Early Japanese Books automatic recognition by combining ARU-Net and LeNet
Bing Lyu (Graduate School of Science and Engineering, Ritsumeikan University)
Hiroyuki Tomiyama and Lin Meng (College of Science and Engineering, Ritsumeikan University)

Now, Lots of Early Japanese books are not be understand. Furthermore, a lot of these books are described by
Kuzushi character, which increases the difficult of automatic understanding of Early Japanese Books. In this paper,
we propose a deep learning based Early Japanese Books recognition method and aim to realize the automatic
recognition. Firstly, the text lines of Early Japanese Books are extracted by ARU-Net, then the extracted text lines
are sliced as a character size for obtaining the candidate of characters. At last the candidate characters are testing
by LeNet for obtaining the recognition results and the confidence. The high confidence results are select as the
final recognition results.
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