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BE

Data Mining is mainly used for discovering association rule in large databases, but few con-
centrate on screening the retrieval result. In this paper we present a query support method for
document retrieval system by mining Association Rule between keywords from large document
databases. A model is proposed to normalize the structure of mined Association Rules. We in-
troduce a concept called “stem rule” from which all other association rules can be delivered. By
this, the size of the rule base is considerably reduced. We build an interactive interface to aid
user to refine their query, Empirical results confirm the screening effectiveness of our system.
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