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Player Adaptive Motion Gaming Al for Health Promotion
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Abstract: This paper presents an opponent fighting game Al for promoting balancedness in use of body
segments while engaging in full-body motion gaming. The proposed use a new concept called “Player Domi-
nance Adjustment (PDA),” which is to control the Al's actions based on the player’s inputs in the way that
adjusts the player’s dominant power. Namely, the Al analyzes an action that the player is going to perform
and determines whether the action will increase the balancedness or not; if it does so, the AI will determine
action which may give advantage to player, to let the player dominate the game. Else it will use a strong
counteraction (obtained from Monte-Carlo Tree Search) towards the player. The proposed Al was compared
with a typical open-loop MCTS Al Our results show that the proposed Al outperforms the existing Al in
promoting the balancedness.
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C Balancing Parameter 0.42
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0.1 + prob for healthy motion
PDR = { b Y 9)

0.9 — prob otherwise
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