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Effectivity of Densely Multi Layer Perceptron and
Effectivity of Features Obtained from Positions
in Machine Learning Mahjong Players

RYUKI FUJITAY® KIMINORI MATSUZAKI?)

Abstract: In this paper, we try to train the evaluation functions of mahjong with Multi Layer Percep-
tron(MLP) which is a general network model and Densely Connected Multi Layer Perceptron(DenseMLP)
that is an extended model of MLP. In recent years, remarkable results of deep learning methods have been
reported in the field of games. There was a study on learning of evaluation functions with MLP, but the
test accuracy is as low as 43.7%. On the other hand, in a previous study with Convolutional Neural Net-
work(CNN),the test accuracy was 68.8%. In this paper, we have conducted experiments with several models
with MLP, and achieved 68.6%. In Addition, the experiment of appendix achieved 71.01%. We have con-
ducted the same experiments with DenseMLP to improve the accuracy, but there was no significant difference
between DenseMLP and MLP.
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