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Analysis of performance of Monte Carlo tree search with grouping

1,b)

TSUBOKURA Kourt® NISHINO JUNJI

Abstract: Although the Monte Carlo tree search is generally effective even when search space is large, in
turn-based strategy game in which all the pieces can be moved in one turn, most of the moves are not
considered at all in the first step because the branching factors become enormous due to the combination
explosion of the moves. Grouping Nodes is one solution to this problem. However, the reason why the search
performance has been improved has not been discussed. In this study, we propose composition of large scale
experimental game trees with clear features and investigate the search performance using this tree. As a
result, it was found that the performance of the Monte Carlo tree search was improved by reducing the
branching factor by grouping, and by performing grouping more than once, but the effect depended on the
grouping contrivance and how to arrange the gain.
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