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Imitation Learning of Opponents’ Action Models by Soccer Agents

TAKUMI YAMAGISHI' HARUKAZU IGARASHI'

Abstract. Agent2d is a sample team that is often used in the RoboCup Soccer Simulation 2D League. The players of agent2d use
“chain action” algorithm to decide a next action. It is a framework to search action sequences using search trees and state evaluation
functions. In this paper, we made players learn their opponents’ action models by imitation learning assuming that the opponents
use the framework. After the experiments in games against agent2d, the rates of agreement with the actions like passes or dribbles
were improved to 63.4%~95.8%. By contrast, those rates in receivers’ moving actions remained at low rates of 26.0%~49.5%.
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Figure 2 Learning system.
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Figure 11 a for Usz(s).
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Figure 12 a for U,(s).
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