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Abstract

The nearest neighbor problem for high dimensional space has applications in multimedia informa-~
tion retrieval, pattern recognition, and statistical data analysis. It is important to solve this problem
quickly. Clarkson gives an approximate algorithm constructing a Voronoi diagram incrementally and
approximately in conceptual setting.

In this thesis, we modify the algorithm. Clarkson s algorithm computes strlctly nearest neighbors
in constructing a Voronoi diagram incrementally. However our algorithm computes approximately
using a present data structure. By this modification, we reduce a query time under a specific condition.
Besides, we analyze and implement our algorithm and compare it to Clarkson’s one by using uniformly
distributed data and data from real world.
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