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In this paper, we provide a user-friendly, but theoretically solid, example-based query
processing/refinement method called MindReader. We allow the user to give several
examples, and optionally, their ’goodness’ scores. Based on the examples and scores, our
method “guess” which features and correlations are important.

Our contributions are twofold: (a) we formalize the problem as a minimization problem
and show how to solve for the optimal solution, completely avoiding the ad-hoc heuristics
of the past. (b) we are the first that can handle 'diagonal’ queries. Experiments on
synthetic and real datasets show that our method estimates quickly and accurately the
’hidden’ distance function in the user’s mind.
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