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Listing 1: fib @ 7V T X L (—iF)

define n;

if (n<2);
return n;

x = fib(n-1);

y = fib(n-2);

return x + y;
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Listing 2: pathfinder ® 7 )L T X 4 (—¥)

wall[cols][rows] = rand() % 10;
dst wall[0] [rows];

src = int[cols];

for (int t = 0; t < rows-1; t++) {

tmp = src;

src = dst;

dst = tmp;

for(int n = 0; n < cols; n++){
tmp = Min(src[n-1], srcln], srcln+1]);

dst[n] = wall[t+1][n]l+min;

return dst;
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