BHRLEF SRR E
IPSJ SIG Technical Report

ASVspoof 2019 57—

& W

Vo0l.2019-MUS-123 No.59
Vol.2019-SLP-127 No.59
2019/6/23

BRI EICHITS

2Y) 9 EULREDMEREFHEICE Y $5E

BLE R7-L2) 3R X Rhbb) EgR &b

BE . RE, AMOSRMREEERHE LU CRAGEIE 21T ERRH Y AT LARERLTETWS. 20D
H ANHOEZERERE UTHW S EERRIE2FEERE LIPS, SiERAIE~ A 78S NIXEBIAEET
HOEATARDPENE NS FFAD B, MOEREHEMEFAKICAT = 74P IC LI =K —
REEMI L THPEIZRDTELUERTAA I LVHERINTWS., EFEFHREDZOORDTF
UM FHEIZE T 52 a5 1 & a > ASVspoof 7% 2015 4E, 2017 Fd L U8 2019 FEIZBME S vz, R
ASVspoof 2019 TlE72 0 3 F U H A OIERRE P IRER OB AR R L0 27 @ 0 OFHEEINARI N
7z. TZTARWIETIE, ASVspoof 2019 T— Xty hBIUR—AT A VI AT LEAWTERSHESS
@Mﬁﬁﬁﬁmbﬁibwm¥%ﬁ®ﬁlwﬁﬁtz’;5&D?ib@m%* EWZIOWTHEL =
EERERL O, BAERBEOMRENIERICEVWESIZOARDTIUNEITSI &, £, EEETIX
REOKEIIREL, %£®mavﬁﬁ£%£7 2B L OREHEESEET — X OMRHETES ﬁE<a6_
EWbrotz—1, BEEMNNE WS LFCC, CQCC TOMHIIIERICNEETH 5 Z & 2HER L 7-.

Investigation of spoofing detection performance in different acoustic
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Abstract: In recent years, biometric authentication systems that perform personal authentication using hu-
man physical features have become widespread. Automatic speaker verification (ASV) is one of the biometric
authentication by using human voice. Since ASV systems can be installed with a microphone only, it is easy
to introduce to many applications. However, ASV systems suffer from spoofing attacks, e.g., speech synthesis
and replay, as same as other biometric authentication systems. Therefore, ASVspoof challenges were held
in 2015, 2017 and 2019, in order to establish the research topic of spoofing countermeasures. The published
database in 2019 is created according to a total of 27 different acoustic configurations. Therefore, this paper
investigates how the spoofing detection performance in the combinations of the acoustic configurations differ
by using the baseline systems of ASVspoof 2019. From the experimental results, spoofing is successful only
when a playback device is perfect quality. The spoofing detection performs well when the room size is large
and the reverberation time is short. It also shows that it is difficult to detect spoofing attacks in small rooms
each case of using LFCC or CQCC as acoustic feature.
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