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Position | Joint Type
a Head
b Neck
c SpineBase
d ShoulderLeft
e ElbowLeft
f WristLeft
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h ElbowRight
i WristRight
j HipLeft
k KneelLeft
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m HipRight
n KneeRight
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9 IZARFETH W Keras IZ& D=2 —F )% v b
7 — 7 O ERT. EMELBIE L U T softmax B E,
L7V TY X E UT RMSprop 2 HWVWT WS,
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B 9dd LSTM LA ¥ —Tld, BHIZANT — XK
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Input
\ 4
LSTM
\ 4
Dropout
\ 4
Dense
\ 4
Activation(softmax)
9 LSTM %#FHULZETIV
R2 EER

No | Dropouty | Dropouty | Training | Validation
1 0.1 0.1 0.9956 0.7119
2 0.1 0.2 0.9933 0.7386
3 0.1 0.3 0.9914 0.8109
4 0.1 0.4 0.9892 0.7716
5 0.1 0.5 0.9886 0.7792
6 0.2 0.1 0.9911 0.7195
7 0.2 0.2 0.9898 0.7754
8 0.2 0.3 0.9886 0.7373
9 0.2 0.4 0.9822 0.7792
10 0.2 0.5 0.9819 0.7665
11 0.3 0.1 0.9921 0.7678
12 0.3 0.2 0.9879 0.7386
13 0.3 0.3 0.9809 0.8135
14 0.3 0.4 0.9765 0.7931
15 0.3 0.5 0.9800 0.7906
16 0.4 0.1 0.9889 0.7411
17 0.4 0.2 0.9841 0.7297
18 0.4 0.3 0.9794 0.7830
19 0.4 0.4 0.9682 0.7652
20 0.4 0.5 0.9657 0.7614
21 0.5 0.1 0.9867 0.7881
22 0.5 0.2 0.9775 0.7322
23 0.5 0.3 0.9676 0.7919
24 0.5 0.4 0.9505 0.7830
25 0.5 0.5 0.9508 0.7982

Accuracy & Validation Accuracy DfEDZEALZ ARz, &
NEOEIE 100, =AY Z7#1L 100, Ny FEIL 64 & U7z,
IR Accuracy DD 7z Dropouts 0.1 DR DAL R
ZR5BLOH 10 & 11137 T. FHUFERSAIX [16]
POZMTES.

10 23R 9 & 512, Training Accuracy 1% 90%% 8 X



BERLEBF SR RIRE
IPSJ SIG Technical Report

0.99

o
[Ye)
LT [+=]
Training Accuracy

0.97

0.96

10 Training Accuracy

o
®
)
y

o
~
oo

Validation Accurac

=
-
[=1]

o
-
=y

0.72

0.1

11 Validation Accuracy

TW3. Training Accuracy (& Dropout; & Dropouty °
EH5H 0.1 DA 99.56% & T E & <, dropout A% E
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’Eifﬁ Z T\, Validation Accuracy MEWZ &0 5, &
FENEETED, SEFIHU Florence3D IZ& £ 5
215 HDEETIRER T —XBRE VBV EEALND.
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