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collaborative  individual standby
table01 75 7 16
table02 68 7 23
table03 67 6 25
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model Fl-score
Random Forest 0.799
SVM 0.778
Naive Bayes 0.640
LDA 0.633
Logistic Regression 0.644
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Predicted collaborative  individual standby All
collaborative 66 0 9 75
individual 3 4 0 7
standby 0 10 16
All 75 4 19 98
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