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Anomaly detection by the method combined with sparse structure learn-
ing and graph convolutional neural network
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2.2 Graphical Lasso

BRI R A S 5 EEMBERERD 75 7
a2k (FEFE) 2o, 2ERIEMD G2 E
LIRS T4 IVETLVERELEZ., HUA
W57 4 HVETNMIZBEWNT, BEFTH A IZEEM
DEEMHEZRL, MEFEIEIZIO A 2HiET 58
CEZRBIENTES, L, TR /AN
BENTVWD I ENEL, TD /) 1 ADHE%2HRT 5
728, B A ZRDDITRBBEL D, £ T, B
A AT ST 4 HNVETFIVOEE %2 AHEIZT 5Tk
T 3, Graphical Lasso (Z#H U 7z. Graphical Lasso
&, ko Ly ERMLIEN & O mod b8 E R E, B A
ZHERE I D BINIESEE IR TH B (6, 7.

arg m[gx(ln det A —tr(SA) — pllAlly) (D

Z 2T, S IFEARILATATH, tr 13T DX, det 1347
FRERT. plFEHHERF A=K THD, YORE%
A ZBEHEEIC T 202 RET S, A XY 1Al
XD EHEIND.
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Graph Convolutional Neural Network) I, g% AN
& U MBI AR 7 CNN LRI %, 7' 7 /i
EANEUZMEIZE IR T E 57D INTE

Copyright ©2019 Information Processing Society of Japan.

All Rights Reserved.



TRl 2 2R 81 [l e E K&

>

L
©,

M2 NI 7490 T—=A0OER LT T TR

Graphical Lasso @ (a) #f#TH L O (b) #HE

R !

O
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X #17z Neural Fingerprint (NFP) (Z%&H L 7z. NFP I,
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