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# 1 REFIRIC X 2 E 21

(1)ResNet | (2)ResNet+7545t | (3)ResNet_skip | (4) F2R Tk
HEE | 0.641 0.587 0.569 0.620
HAHE | 0705 0.909 0.696 0.876
F e 0.672 0.713 0.626 0.726
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