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e, = NNiJ(fi(@)) (1)
aij = softmax(e ;)i = exp(ei;) />, exp(ex;) (2)
f = Y aiofi(@) (3)
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Feature Description Size
HF&FS 48 FfH D uFE L ThSDtFE (one-hot) 49
e Fe U T2 EFDfEE (one-hot) 6
K HREL FEA L TWBKEDMEE (one-hot) 5
ilfi % 1 fifi & T DAE %L (one-hot) 6
Ry¥ VB RUYEVEOAHE (binary) 1
Al 67

® 1: KroysEmtE2 &9 ADER 1

Feature Description Size

K+ — K+ —TH5H (binary) 1

T2 T2— BT X—TH5H (binary) 1

FHEG FHEHTH5H (binary) 1

nary NaryTchdh (binary) 1

e M Td 5% (binary) 1

e EEME HEMTH DD (binary) 1

&t 6

xR 2: HTOLFAREE 2R T AR 2

Feature Description Size
WaomE BES, —@E, =#H, XYY VE (one-hot) 4
AR H1RThH 5D (binary) 1
Bk BRSO Th 5H (binary) 1
Al 6

K 3: K HOHEAE DR

Dataset 1  Dataset 2  Dataset 3

size 1144 10000 29978
training 700 7000 20000
validation 200 1900 6000
test 100 1000 3000

xR 4: BT — X DHHEK

Dataset 1 [1]  Dataset 2 [3] Dataset 3 [5]

Hif [log Mol /L] [EC50] innM %

RBZ] [2] 4.29 £+ 0.40 1.47 + 0.07 6.40 £+ 0.09
NFP+ALRE 1 1.09 4+ 0.04 1.10 4+ 0.03 1.89 4+ 0.00
NFP+AJERE 2 1.26 4+ 0.05 1.12 4+ 0.02 89 + 0.02

2
NFP+ABERE 1,2 1.14 4+ 0.04 1.09 + 0.02 1.87 + 0.04
REEFANEE 1,2 1.00 £ 0.13  1.09 + 0.00 1

R 5 HETILVOFHKEE (RMSE) O

SE Xk
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