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Abstract: To support reusing software components for derivative development, methods to detects sim-
ilar goals between goal models by using morphological analysis and term-based similarity measures have
been proposed. However, goals’ representation is affected by writer so there is a limit to precisely cal-
culating similarity between goals by using measures. In this study, we performed comparative evaluate
between a method using term-based similarity measure and one using word2vec in order to verify the
effectiveness of word2vec. The word2vec tool can catch semantic similarity of a word. As a result of an
evaluation applying those methods to goal models about robot-contest software, the resulting accuracy by
the method with word2vec was better than the method with the term-based similarity measure. Mean-
while, the accuracy was still not enough by the method with word2vec. Hence, we discuss challenges for
improving the accuracy of calculating the similarity.
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