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Fig. 1 Examples of various near-miss video
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Fig. 2 Confusion matrix of comparison method
(Video + Sensor)
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Fig. 3 Confusion matrix of proposed method
(video + Sensor + Audio)
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Table 2 Metrics of comparison method (Video + Sensor)

Precision Recall F1-Score
Accident 0.51 0.50 0.51
s Near-Miss 0.76 0.73 0.74
No-Near-Miss 0.78 0.72 0.72
Avg/Total 0.72 0.72 0.72
* 3 REFE Wb+t d4EH)

Table 3 Metrics of proposed method
(video + Sensor + Audio)

Precision Recall F1-Score
Accident 0.89 0.89 0.89
Near-Miss 0.83 0.84 0.83
No-Near-Miss 0.85 0.84 0.84
Avg/Total 0.85 0.85 0.85
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