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Automatic drum transcription based on RNN considering phase

information

HIROTO KAWATA'® TAKESHI HORI''® KAZUYUKI NAKAMURA?®©

Abstract: Automatic drum transcription (ADT) is a task of retrieving symbolic representation of drum
instruments from monaural drum solo recordings. In recent years, recurrent neural network (RNN)-based
approach have achieved the highest evaluation accuracies, therefore, various architectures have been discussed
by many researchers. In the conventional RNN implementations, power spectrum in the frequency domain
have been used as the input feature. In contrast to previous researches, for the purpose of improving the
evaluation accuracy, we propose a new RNN architecture with phase information added to input layer. As a
result of the evaluation experiment, by adding the phase information to the input, the accuracy of estimating
the hitting time of drum instruments considerably increased, and the effectiveness of phase information is
demonstrated.
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