TE AL A T
IPSJ SIG Technical Report

SRET Y ORRICE TSP ERBRHEE DiRE
~TyPLETRHEITSFLTVXL-FFADS—DREE
ERFEEAICKL SmEERE~

A& T RGO AR OHEREILT

BE AR, OBy VBREICBT S 10T Y AT AOKEREMIA T T v b 7 4 — LETOEE T L TY X
LA huav—%Y Y —RAHEOBENOIREL, TOZLHEELFERICCEHMO L7220t ThD. §F
MEDFER, BIRFE 7L Y XACHONTE, JIfET — 2RI L 8T — 2 X Lic< <, F15lEHE
SO E AN REFE IR FEMICRAE LWL OERIRT2O0NRLEE LNV E L. A bhry—Zo0nTiE, =y
DY Y =AU TE Y LR ZITV, HERRIFICITRE R A X2 M52 LT, Y YV —2 b & LEHE DK T O
M2 B CE D RiAHREST-. F1=, JIFT — X BN SO EGA IS O BRI 2ERH 5 7=
W, 77U RETHEHET VA ET D 2 L CEBEE E ABICERTTHE 2 TEZIRE L.

A Study on Optimisation of Machine Learning Realization In Edge
Computing ~A Study on Optimisation by Deciding Edge executable
Algorithm and Ontology and Applying Transfer Learning~

IKUMI MORIT  SHIHO SAITO" TAKUMA ORIMOTO" TAKEHIRO ITOf

Abstract: We decided machine learning algorithms and ontology for the horizontal 10T platform in distributed edge environment
from the view point of resource consumption. This decision was evaluated using Raspberry Pi 1 Model B as edge device. From the
evaluation results, it is desirable to select machine learning algorithms that don't have the high processing load such as a matrix
calculation. And it is required that the model data does not increase linearly with the training data size. As for the ontology, it is
possible to realize both the resource saving and the high speed processing by excluding several nodes of ontology according to
edge resources and suppressing the result size when inferencing. In addition, because there is a problem that prediction performance
of machine learning deteriorates when the training data size is small, we propose a method that can automatically perform the
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transfer learning by sharing the model data on the cloud.
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