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A Study on Region Detection of Personal Belongings Using Human
Skeleton and Edges in an Image

MakoTo M1ural® Toru ABEN2P)  Takuo Sucanumal:2:©)

Abstract: In order to observe crime scenes associated with personal belongings, such as luggage theft or
leaving behind suspicious parcels, it is essential to detect personal belonging regions in images. Recently, ex-
isting approaches propose a three-step region detection. Initially, (1) they generate a template of the human
region, then (2) determine candidate parts of personal belonging regions which are parts of the foreground
in an image different to the generated template, and finally, (3) detect personal belonging regions in the
determined candidate parts. However, they lack accuracy on detecting the region due to poor accuracy in
each step. Therefore, in this article, we propose a highly accurate method for personal belonging region
detection, which consists of generating a template of the human region from a human skeleton, determining
candidate parts of personal belonging regions by comparing edges in an image with contours of the human
region template, and detecting personal belonging regions in consideration of occlusions by the human body.
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