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Abstract: Named entity recognition is a fundamental task in natural language processing and has been
widely studied. The construction of a recognizer requires training data that contain annotated named en-
tities. However it is expensive to construct such training data for each domain. In this paper, we propose
a recognizer that uses not only the training data but also a domain-specific language resource. Our recog-
nizer first uses character-based distributed representations to classify words into categories in the language
resource. It then uses the classification results as an input of the recognition. We report the results of
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Recipe Named Entity Recognition based on Word Classification
Results using Character-based Distributed Representations

experiments conducted to evaluate our method in the cooking domain.
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MR-y 0.49 0.43 0.46 90
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Method Accuracy Precision Recall F-value
Sasadal (LR) 0.91 079  0.85 0.82
Sasada2 (LR+DP) 0.91 0.81 0.86 0.83
Lample (Uniform) 0.91 0.77 0.86 0.81
Lample (+Wikipedia) 0.93 0.81 0.87 0.84
Lample (+Cookpad) 0.93 0.82 0.89 0.85
Proposed (Uniform) 0.91 0.78 0.85 0.82
Proposed (+Wikipedia) 0.93 0.81 0.87 0.84
Proposed (+Cookpad) 0.93 0.83 0.89 0.86
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