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2.1 SMOTE: Synthetic Minority Over-Sampling Technique
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2.3 Auto-Encoding Variational Bayes
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Algorithm 1: Over sampling algorithm using Auto encoder

train generator (input: noise, teacher: minority data)
generate data with generator (input: noise)
train discriminator (input: observed data,
teacher: minority or majority)
4 select data having new feature with discriminator
(input: generated data)
sampling data = observed data + data having new feature
reduce majority data with under sampling (sampling data)
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