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*] Activity Recognition API Google Developers
https://developers.google.com/location-context/activity-recognition/
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Accuracy Sensitivity — Specificity
Baseline Model 0.540 0.269 0.771
Feature Select Model 0.596 0.313 0.822
Clustering Model 0.607 0.292 0.831
Proposed Model 0.711 0.606 0.773
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D, 35402 —YnbiERIND. EffiT—2HIcEGEh
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HEE RS E OFEAMI, Leave-one-user-out-cross validation %
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N3ET AT =4, OTF—2%¥ETF—2 L LTET
VORE L HEE ATV, HEREZRET 5. 2 —VEIC
Accuracy, Sensitivity, Specificity ® 3 fiiZ&HH L, 7 7 X
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BEREAELT D, Fiz, ZOWRFOET /L% Baseline Model &
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T5. BB —YFDr T AZ Y T, FHEHEOER, KNN
& SVM & Random Forest (2 &5 7 v H v 7V 2E A L
72T 7 L% Proposed Model LIRS Z & &5,
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5.1 EEFE

2 {X Baseline Model % VT A L AHEE 21T - 7= fE
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e IR E R A | REH D ERFEERTH D 128 L FE
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L ZRREZ S LTV D D TiE/e <, —HOITE RS R
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# 2 |2 Baseline Model, Feature Select Model, Clustering
Model. Proposed Model D€ T /WIZ KT D HEEH E 2R~
%79, Baseline Model & Feature Select Model D H#EEFE L %
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9% &, Accuracy, Sensitivity, Specificity (Z3VNTHI
S5%OFEEN LR TE D 2 LD, FHEERIIC L 0 HE
ERGEED M B3 2 2 AR I 47z, i T, Baseline Model
& Clustering Model DHEEREE L+ 25 &, =—F D
T ALY I LD Accuracy 1359 6%, Sensitivity 1359 2%,
Specificity I35 6%fEENRM E L7z, L7z~ T, 7 T9RA%
Vo 7z ko, fTEEm A e — VP EEICHEEITHY Z
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% 5% &, Baseline Model & tb# LT Accuracy THJ 17%,
Sensitivity THI 33%DFEEE 1] 23/ 531, Specificity 1ZIEIE
[RIFRE OfE & 72> T 5. Feature Select Model & Clustering
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THEAGOED Z L TRV BEIERR LN LB 26N
5. %] 3 I% Proposed Model IZ351F 57 7 A & @ Accuracy,
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DA OBHEHZEI T2 Z L W ATRETH 5.
BETIETIE, (T EL R —YE2 s 72X Y T
L, 7 IAZEIZA N ARIEE KL - ITENRHS 2= % 5
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FOITENEHE Z 43 I TE TOARWAEEND S, =
—H D H 2 OITENMED OE & IR T & 21TEM K
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£, ABERFETIIABOR L AREL 2 ETER
U722y, A E0u e & Vo 72 X0 EO g T o
A ML AHEER, A MU RIRTEE 5 B THEE T S, LF/HF
DEMEEHEET D72 L, HWEZLZ L VMNP VRIETITH Z &
T, ARLRRBOMPAWE(LERZ D Z &R AREIZR D
EBEZTND. EbIL, ABEFETEIYADOAY— KT
F R TEEICYADA N AREBEHEL TWDLIR, &
HECTOA~— 7l %Kiz, BHAUEDOR N A
REEZHETD LT, AVFNA~IVATT OBEALE R
WS ENTEDEIFE 2D EBZTVWD.
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