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A Study of a Growing Meta-data Model for Content Recommendation
on Folksonomies
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Aki KOBAYASHI} Yoshinori SAKAT!
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The web-based bookmark management service called social bookmark has recently
come to be widely used. In the social bookmark, a user can add one or more keywords
called ‘tags’ to their own bookmark for future use. The tag information gathering
from a, lot of users allows us to classify the web contents including database of social
bookmark. This classification method is known as Folksonomy. Furthermore, we can
qualify the tag information as the effective meta-data for search and recommendation
use. However, a user hardly adds tags considering other user’s convenience. Because of
this behavior, a user will be not satisfied with the way to classify web contents by the
name of tags. In this paper, we assume that the essential information of tags are not
tag names, but classifications of web contents by tags. Based on this assumption, we
have proposed the content recommendation system based on the similarities between
the classifications.
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